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Foreword

The Federal Highway Administration Project #42-10-4172, *“Predicting the Demand for High Occupancy Vehicle
(HOV) Lanes’ is a two year effort to develop a methodology and micro-computer software model for quickly
analyzing HOV lane demand and operations.

This document, the Final Report, presents the results of this project.

Notice

This document is disseminated under the sponsorship of the Department of Transportation in the interest of
information exchange. The United States Government assumes no liability for its contents or use thereof

The contents of this report reflect the views of the authors, who are responsible for the facts and accuracy of the
data presented herein. The contents do not necessarily reflect the official policy of the Department of
Transportation.

This report does not constitute a standard, specification, or regulation.

The United States Government does not endorse products or manufacturers. Trademarks or manufacturers names
appear herein only because they are considered essential to the object of this document.
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Preface

This report presents the results of the literature review and data collection effort for the Federal Highway
Administration Project #42-10-4172, “Predicting the Demand for High Occupancy Vehicle (HOV) Lanes’. This
research project is a two year effort to develop a methodology and micro-computer software model for quickly
analyzing HOV lane demand and operations. The methodology is designed to be applied by planners and
engineers with limited or no access to or experience with regiona travel demand modelling.

The methodology provides a set of “quick response” procedures for predicting and evaluating the impacts of HOV
lanes on person demand, vehicle demand, auto occupancy, congestion, delay, and air quality. This methodology is
applicable to corridor, network, and system level HOV demand analysis.

The objectives of this project have been to:

L

Identify and document state-of-the-art practices in predicting, analyzing, and evaluating travel
demand for HOV lanes.

Collect, analyze, and report data relevent to the prediction, analysis, and evaluation of HOV lanes.

Formulate a methodology for assessing HOV travel demand on freeway and arterial facilities for use
by personnel not experienced in regiona travel demand modelling.

Develop a computer model with a user’s guide to predict and analyze planned and actual HOV travel
demand that is consistent with the methodology.
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Predicting the Demand for High Occupancy Vehicle Lanes

Final Report
EXECUTIVE SUMMARY

Federal Highway Administration Project #42-10-4172, “Predicting the Demand for High Occupancy Vehicle
Lanes’, is atwo year effort to develop a methodology and micro-computer software model for quickly analyzing
HOV lane demand and operations. The methodology is designed to be applied by planners and engineers with
limited or no access to or experience with regional travel demand modeling.

This report presents the interim results of this project, specificaly:

1. A review of the available literature and the experiences of public agencies with current methods for
predicting the demand for HOV lanes,

2. The proposed new methodology for predicting the demand for HOV lanes, and

3. The data on existing HOV lane projects in the United States that will be used to calibrate and validate the
new HOV lane demand estimation methodology.

E. 1 Literature Review

The literature review included technical reports, periodicals, computer models, and software documentation. The
review began with a search of the National Technical Information Service (NTIS) and Transportation Research
Information System (TRIS) data bases, as well as computerized files of newsletters, journals, business news sources
and newspaper articles maintained by Dialog Information Service.

Abstracts of reports and articles identified through the initial search process were reviewed and copies of promising
references were obtained. The reference list assembled in this fashion was submitted for the review of the
consulting team and members of a Steering Committee of state DOT representatives, MPO members, university
researchers, practitioners and federal transportation officials assembled under the supervision of FHWA. This
process led to the identification and review of over seventy references listed in the bibliography of this report.

E.l.l  Regionwide Logit Models

The most prevalent approach to the regionwide estimation of HOV lane mode shares entails the use of disaggregate
logit models embedded in the traditional regional four-step transportation planning process of (1) trip generation;
(2) trip distribution; (3) mode split; and (4) traffic assignment. Typically these disaggregate models have been
respecified to handle carpool modes as well as transit and solo driving, either simultaneously or sequentially in
“nested” formats which separate auto and transit ridership before addressing Carpool mode shares.

Regionwide logit models are mathematically tractable and widely used in regional planning, so that their use is
well understood in the planning community. Since the models incorporate a regionwide network, they are
particularly useful in representing the network impacts of HOV lanes, such as the diversion of carpool and solo
driver trips from parallel routes.

Regionwide network models require extensive data input and model calibration. This can be a cumbersome
process when the issue at hand deals with the impact of HOV lanes on a limited number of corridors.
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These models also require extensive recalibration from location to location. Recalibration is not only a geographic
issue. Model parameters are not stable over time. Thus recalibration is necessary to ensure temporal
transferability as well.

Many regionwide logit mode split models have been developed and calibrated to estimate HOV mode split only for
home based work trips. Non-work trips are not modelled at all, or are dealt with using an expansion factor.

Traditiona regionwide network models have limited ability to estimate the operational impacts of HOV facilities
on speed, average delays, and traffic queues. As highway networks become more and more congested, regionwide
models are less and less successful in estimating travel times and delays. In particular, they fail to replicate the
manner in which congestion queues transmit delays throughout the system. As a result, they are ill-equipped to
represent the travel-time advantages provided by HOV lanes that are crucia in influencing shifts to ridesharing
modes.

As a practical matter, regionwide logit models have historically not performed well in replicating the impact of
HOV facilities on actual mode choices. One investigator observes that “. . in the application of travel demand
models, there are frequently considerable discrepancies between HOV model estimates and observed roadway
counts of multi-occupant vehicles.” Another further cautions that “regional mode-choice models in general, and
regional mode-choice models with components in particular, have not performed well in terms of their ability to
predict mode shares.” In view of the fact that most regional models of HOV use were not originally designed to
handle trip-dependent changes in travel time and have been carved out of traditional logit models developed with
only two modes (transit and auto) in mind and calibrated to match overall corridor flows, it is hardly surprising
that they have not performed well in representing the impact of HOV lanes on mode share.

Although regional logit models are used widely to analyze the network-wide impacts of aternative systems, they do
not seem to be flexible enough to focus on the corridor-specific impacts of HOV facilities. Existing regionwide
models tend to be data-intensive and require extensive recalibration to accommodate transfers both from location to
location and from one time frame to another. They are ill-equipped to represent the operational impacts of HOV
lanes on travel times and have historically not performed well in predicting the impact of these lanes on modal
shifts.

E.1.2 Corridor Modes

Many attempts to model HOV demand have focused on a single corridor, usualy ignoring impacts of HOV
facilities in the broader regionwide network and sometimes glossing over the interdependencies between mode
choice and travel times on HOV facilities and adjacent mixed-flow lanes. While some of these models use the
multinomial logit formulation described in connection with regionwide network models, others use quick-response
regression relationships in which HOV lane usage is computed as a function of travel time savings or some other
measure of congestion.

Corridor models can aso differ markedly with respect to their field of vision within the corridor. For example,
such models can include parallel routes, limit their field of vision to a single freeway (or arterial), or focus on a
single point along a freeway segment.

Corridor models fall generally into two classes of models:

Demand models, which emphasize the estimation of demand and employ only simplistic approaches
to estimating changes in facility operations, and

Supply models that emphasize the modeling of facility operations and employ only simplistic
techniques for estimating changes in demand.

Supply Models: In recent years, a number of macroscopic simulations of freeway conditions have been developed
as an aid for studying the detailed impacts of design alternatives on speed, delays, and traffic queues in a specific
corridor. Examples of these simulation models include FREQ and FREFLO. These models typicaly take the
demand for access to HOV lanes and mixed flow lanes within a specific time frame as an input variable in
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simulating the propagation of traffic queues and congestion delays from one section of the freeway to another.
Although these models focus on the elaborate delineation of freeway operations data, they can be used iteratively
with corridor demand models or with regionwide network models in computing the impact of HOV lanes on mode
choices.

Demand Models: The corridor demand models reviewed in this report represent simple, transparent approaches
that are easy to understand and apply. Data requirements are minimal, and at least one model, that of Parody,
appears to perform well in replicating overall demand measurements on existing HOV lanes.

Even the best of existing corridor models have been calibrated on limited data sets, either because relatively few

HOV lanes were in operation at the time they were calibrated, or because the modelers had a narrow focus. The
geographic transferability of these models is not well understood, and none are equipped to deal with spatial and
temporal shifts in trip making. Those models that are based on regression relationships tie their predictions to a
single explanatory variable.

Supply/Demand Interaction: Some corridor models of HOV demand ignore the interaction between mode choice
and travel time, accepting the travel time differential between HOV lanes and mixed-flow traffic as a given input
variable and using it to compute the demand for carpools in the corridor. Other models treat the interaction
between demand and travel time explicitly by iterating between demand model results and travel time models until
convergence is obtained.

Simple corridor-based regression models, updated to reflect current HOV lane experience, represent a promising
means of predicting the overall number of carpools attracted to a new HOV lane. Some mechanism needs to be
found for coupling these models with level-of-service estimates and addressing issues of spatial and temporal
diversion in a manner consistent with a quick-response modeling effort.

E.1.3 Agency Survey

A survey of HOV Lane planners and engineers was conducted to assist in the identification of gaps and problems
with current methodologies for predicting the demand for and impacts of HOV lanes. Ancther objective of this
survey was to obtain technical staff opinions and input regarding possible approaches for modeling HOV facility
demand. In addition, information was collected on the availability of input data for estimating HOV demand.
The information obtained through this agency survey was used in the methodology development task of the project.

Personnel at nine agencies were selected for the telephone survey.

HOV Lane Analysis Needs: The analysis needs which tended to be most critical were the ability to analyze the
impacts of HOV lanes on: vehicle demand, congestion, person demand, and air quality. Other HOV facility
analysis needs which were mentioned were cost, noise, transit usage, mode split and trip distribution.

Methods Currently Employed: The agencies use a variety of methodologies and models for predicting HOV lane
demand and evaluating its impacts. Three of the agencies stated that they use sketch planning methodologies
(pivot-point). Four agencies use macroscopic simulation models, such as FREQ and TRANSYT-7F. Two
agencies use microscopic simulation models, such as FRESIM.

All of the agencies use regional travel demand models for some part of their evaluation of HOV facilities. The
regional travel demand models being used by the agencies include TRANPLAN, MINUTP, EMME/2, and UTPS
or UTPS-based models. Approximately half of the agencies represented in the survey use some sort of post-
processors to refine the estimates produced by the regional models. The post-processors tend to be used to enhance
speed and emissions estimates, for operational analysis, or for re-estimating mode choice and distribution.

Experience With Current Methods: The agencies were also asked about their experience using the various existing
HOV lane methodologies and models, specifically the level of effort involved and any key advantages or
weaknesses. On average, the individuals surveyed have been using the existing methodologies and models for over
seven years.
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With respect to regional travel demand models, most of the agencies stated that once the model was operational,
the level of effort was minimal. However, the network coding and calibration efforts required to get the model
running is extremely time consuming, demanding of personnel, and data intensive. According to the agencies
surveyed, the macroscopic and microscopic simulation models tended to be fairly data intensive, but necessary to
obtain the desired output.

Satisfaction/Dissatisfaction With Current Methods: The agencies identified the following key advantages of the

current methodologies and models:

Corridor Supply Models can be calibrated. They are capable of evaluating operations on the first day
and for longer time periods. These models are readily available.

Regionwide Travel Demand Models (when combined with EPA approved emission models) provide
better emissions estimates. Regional models represent the entire length of the trip so that route
diversions and mode shifts due to HOV lanes can be more reliably estimated. Regional models are
well understood and the agencies have confidence in the results.

The agencies however also pointed out the following major weaknesses of the existing methodologies and models:

Corridor Supply models, for al the detail with which they model road operations, still lack the
flexibility to model certain facility geometrics (start and end of HOV lane, right-side HOV facilities,
exclusive on- and off-ramps, grade, expanding or constricting number of lanes, HOV merging,
extending or shortening HOV facilities, and general condition changes);

Corridor models, since they model only a portion of the entire trip, are not reliable for predicting
spatial diversion of traffic to other corridors.

There are no generally available models for predicting temporal shifts in trip making;

Regional models require extensive network coding, calibration, and data collection They are slow and
time consuming to run. Many mode split models contained in regional models evaluate only work
trips;

Only produces HOV trips for those with a time savings of greater than five minutes;

All models assume 100% of the eligible HOV's will use the HOV lane.

Desired Features of New Method: The agencies identified the following desired features of any new or improved

method for evaluating the demand for and impacts of HOV lanes:

L

The model and software should be simple and user friendly. The model outputs should be
understandable to a lay person. The software should be able to output schematics, maps, and/or
graphs of facility geometrics and model outputs (e.g., queuing, air quality, congestion, and
speed/flow).

The methodology should be consistent with existing models and methodologies. The methodology
however should provide improves route shift, time shift, and mode shift estimation capabilities.

The methodology should provide for the analysis of
Addition of HOV Lane or the conversion of a mixed flow lane to HOV lane,
Changes in dligibility rules (2+ versus 3+),
HQV lane access design (limited access versus continuous access),

Ramp metering with HOV bypass lanes, and
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o Arterial HOV lanes.

Relationship to Regional Models. The agencies were also surveyed on what the relationship should be of a new
model to an existing regional travel demand model if a regional travel demand model is available for the project
study area. Most of the agencies stated that there should be a link or interface between the two models and that the
results should be consistent. Most of the agencies also believed that if a regional model is available for the HOV
project study area, the regional model should be used (but not necessarily required) for HOV analysis, especially
for significant decisions such as major investment studies.

Data Availability. The agencies were asked to identify the types of input data they might have available for an
HOV study. Turning movement counts for arterials, estimates of HOV growth , vehicle occupancy, average
speeds, and information on parallel facilities were data types that tended to be more difficult for the agencies to
obtain for an HOV lane study.

E.2 Recommended Methodology

The Agency survey indicated that agencies have a full spectrum of analytical needs when evaluating the impacts of
HOV lanes. The need to be able to perform sketch planning studies to quickly identify and screen for promising
locations for HOV lanes. They need more sophisticated corridor level models to evaluate the designs and operation
of the HOV lane facility. They need comprehensive regionwide models to forecast the air quality impacts of the
HOV lane project and ensure its conformity with the State Implementation Plan (SIP) for complying with the
Federal Clean Air Act and Amendments.

The project team concluded that no single method could hope to accommodate the full spectrum of agency
analytical needs. The best way to provide for the full spectrum of analytical needs would be with a multi-level
analytical approach. A sketch planning level method would be developed that requires relatively little data and yet
can provide approximate answers for delay, congestion, and air quality. However, projects requiring greater detail
would have to employ successively more detailed and data intensive methods.

E.2.1 A Multi-Level Analytical Approach
Three distinct levels of HOV analysis are proposed by the team:
¢ Level One: The Critical Sub-Section Method;
e Level Two: The Corridor Model Method; and,
e Level Three: The Linked Corridor/Network Travel Demand Model.

The Level One Critical Sub-Section Method would consider only the controlling or critical sub-section of a
proposed directional peak period HOV study sec-

tion. The HOV study section would preferably
have a fairly uniform demand and capacity profile = 2 = T
over its length. The critical sub-section would be —= ::—_-E:':: e e e o e g
identified by having the highest demand-to- il N ™ 7N\
capacity ratio. gntjccol

ection

The intent of this approach would be to provide for
a quick-response tool for predicting order-of-magnitude HOV and mixed-flow demand and traffic performance,
with limited impact estimation capabilities. In this sense, the Critical Sub-Section Model can be considered as a
screening tool from which peak-period directional freeway sections could be further investigated at the next level of
analysis. This approach can be used to estimate traffic performance and mode shift in the HOV facility opening
day, the short-term (e.g. 6 months after opening day), and long-term (e.g. after 7 years of operation).
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The Level Two Corridor Model Method would
consider the entire directional peak period HOV study
section and an appropriate representation of the parallel
facilities. Compared to the Critical Sub-Section Model,
this model would require additional model input,
incorporate a computerized simulation model, and would
provide more precise estimates of HOV and mixed-flow
demands as well as more accurate and more
comprehensive measures of performance. The payoffs for
the increased model requirements would include
improved travel demand estimation, representation of
traffic congestion, more accurate travel speed estimation, and the capability for corridor emissions estimation.

Corridor Model

Computer simulation models, such as FREQ and CORFLO, are already available for this corridor modeling
approach.

The Level Three Linked Corridor/Network Travel Demand Model Method considers an HOV facility in the
context of a transportation network including trip origins
and destinations, as well as many alternative routes.
This model system also takes into account other
transportation modes that might be competing with the
HOV facility.

FHWA and Caltrans have recently developed prototypes
of such linked regional and corridor models (see “IVHS
Benefits Assessment Framework” project by
VNTSC/U.S. DOT and “Travel Demand and Simulation
Modeling” project by Caltrans headquarters).

E.2.2 Proposed Critical Subsection Methodology

Since software already exists to implement the more data intensive level two and level three methods, this research
project focused exclusively on the development of the Level One Critical Subsection Method. This section
describes in more detail the critical subsection model methodology which developed as part of this project.

Input Data Requirements:

1. Existing HOV and SOV demand at the
critical sub-section (highest demand-to- L ey
capacity ratio). Demands would be o
required for each direction/peak period of < S < v >
the facility and analyzed separately. S _;i D
2. HOV and SOV lane capacity for the critical —
sub-section (Example: HOV lane capacity = 7/ ’ /I\c_,,, - |\§
1600 vphpl, SOV lane capacity = 2000 | Lo |
vphpl).
3. Existing occupancy distribution (Example: D = Demand
80% SOV, 15% HOV2, 3% HOV3, 2% € = Capocity
HOV3+/buses). Also, average vehicle L= Lengtn
occupancy for HOV3+/buses.

4. Existing and future number of HOV and SOV lanes at critical sub-section.
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10.

11.

Length of critical sub-section and overall HOV study section in kilometers.

Existing average travel time (or speed in kilometers-per-hour).

Existing and estimated future free-flow speed in the HOV lane and mixed-flow lanes.
Availability and quality of parallel routes (none, poor, good, excellent).

Demand growth estimate for the appropriate year of analysis (Example: 3% annual growth).

Design and occupancy requirements for proposed HOV facility (2+, 3+, bus-only, added HOV lane,
lane-conversion from mixed-flow to HOV, conversion from 3+ to 2+, conversion from 2+ to 3+).

Vehicle type distribution (i.e. percent passenger vehicles, buses, light trucks, heavy trucks,
motorcycles, etc.). This information will be used to generate emissions and fuel consumption
estimates.

M odel Qutput:

1.
2.
3.

7.
8.

HOV lane and mixed-flow lane demand-to-capacity (d/c) ratio.
HOV lane and mixed-flow lane volumes by occupancy type.
Persong/lane for HOV and mixed-flow lanes.

Average speed, trip time, and total travel time for the HOV lane and mixed-flow lanes over the
critical sub-section and over the whole length of the HOV lane.

Differences in demand-to-capacity ratios, persons-per-lane, Level-of-Service (LOS), average speed,
trip time, and total travel time between the HOV lane and mixed-flow lanes.

Vehicle-miles of travel (VMT), vehicle-hours of travel (VHT), and delay for HOV's and SOVs.
Breakdown of total response between mode shift and induced shift due to spatial diversion.

Estimates of emissions and fuel consumption.

Recommended Methodology. The recommended iterative HOV demand/supply estimation process consists of the
following steps. The forecasted demand and travel times are equilibrated for both short term and long term
demand forecasts.

Step 1:  ldentify the HOV Study Section and the Critical Sub-Section, and Input Demand and Supply

Data

Step 2:  Evaluate “ Before” Scenario: Supply Model

Step 3:  Evaluate “ Opening Day” Performance (Before Traveler Response)

Step 4:  Estimate Short-Term Traveler Response to the HOV Facility: Demand Model

Step 5:  Evauate Performance After Short-Term Traveler Response, and

Step 6:  Continue the lterative Process Between Demand and Modified Performance until Equilibrium

is Obtained

Step 7:  After Equilibrium is Achieved Between Steps 4 and 6, Allocate a Portion of the Total

Response Estimated in Step 4 to Route Diversion

Step 8:  Forecast Long-Term Growth
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Step 9:  Evaluate Long-Term Performance (Before Traveler Response)
Step 10: Estimate Long-Term Traveler Response
Step 11: Re-evaluate Performance after Long-Term Traveler Response, and

Step 12:  Continue the Iterative Process Between Demand and Modified Performance until Equilibrium
is Obtained

Step 13:  After Equilibrium is Achieved Between Steps 10 and 12, Allocate a Portion of the Total
Response Estimated in Step 10 to Route Diversion

Step 14:  Compute, Summarize, and Report Measures of Performance.

E.3 Data Collection

This section describes the data collection effort. First the data needs were determined, then nine agencies were
identified for data collections. The data sets were then assembled from each agency. The final step was to compile
and reduce the various data sets into a single consistent set of HOV lane data for the development and calibration

of an HOV lane demand model.

E.3.1. Data Needs

It was determined that the new HOV demand estimation methodology should be sensitive to the impacts of HOV
lanes on travel time and should be able to predict HOV and non-HOV vehicle and passenger volumes. The
methodology should also be able to predict the effects of different minimum vehicle occupancy rules.

It would have been desirable for the new methodology to be sensitive to tolls, however; it was determined that there
was inadequate field experience to date for validating HOV cost sensitivities. (The San Francisco Bay Area has
several toll bypass lanes, however; the benefits of a free toll are combined with significant time savings so that the
effect of the cost difference cannot be easily isolated from the effect of the time savings.)

The travel time differences (HOV versus non-HOV, and “before” versus “after”) are the “stimulus’ to be used in
the demand estimation methodology. The differences in the vehicle volumes (“before” versus “after” for HOV and
non-HOV vehicles) are the “response” to be predicted by the new methodology.

Thus the following data is required to test and validate the new HOV demand estimation methodology:

1. “Before and after” peak period vehicle volume data by:
a  Occupancy type (e.g. 1 person, 2 persons, 3 persons, 4+ persons),
b. Vehicle type (auto, bus, van, truck, motorcycle), and by
c. Lanetype (HOV lane, Other lanes).

2. “Before and after” travel time data by lane type

E.3.2. Selection of Nine Agencies
Nine agencies were selected for data collection based on:

1. The number and variety of HOV projects operated by the agency,
2. The frequency and quality of their past and on-going data collection efforts,

3. Their representativeness of a cross-section of agencies operating HOV facilities throughout the United
States, and

4, Their ability to cooperate in this study (some agencies had insufficient human resources to assist in
the assembly of the data for this project).
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The selected agencies are:

Caltrans, District 4, San Francisco, Californig;

Caltrans, Districts 7 and 11, Los Angeles and San Diego, California;
Minnesota DOT, Minneapolis, Minnesota;

New Jersey DOT, Trenton, New Jersey;

Metropolitan Transit Authority of Harris County, Houston, Texas;
Virginia DOT, Richmond, Virginia;

Washington DOT, Seattle, Washington;

Santa Clara County, San Jose, Californig;

Snohomish County, Seattle, Washington.

The nine agencies operate a combined total of 56 freeway and arterial HOV projects with a total of 640 lane-miles

(1024 lane-km)(see Table Ex-1). The selected agencies together operate 54% of the 1188 freeway HOV lane-miles
(1,912 lane-km) in the United States and Canada. Many of the selected agencies collect and publish data on HOV

lane usage annually, semi-annually, or quarterly. Most have conducted “before and after” studies for some of their
HOV facilities.

© o N o o B~ W DN

E.3.3. Collection of Before/After Data Sets

Each agency was requested to forward a copy of every available published “before and after” study for HOV
facilities under their control. Some agencies no longer had available copies of “before/after” studies for projects
which were opened over 20 years ago. In those cases, the University of California, Institute of Transportation
Studies library was searched for information on the older projects.

Minnesota DOT, the Texas Transportation Institute, and the California State University, San Diego (Caltrans
District 11) had the most extensive series of “before and after” studies available for their HOV facility projects.

New Jersey DOT's “before and after” study of their 1-80 facility is till in progress and could not yet be released at
the date of publication of this report.

Agencies aso provided copies of their monitoring program reports. The Texas Transportation Institute, Caltrans
District 4, Washington Metro COG, and Washington State DOT provided extensive monitoring data.

The history of each HOV facility was then reviewed to determine which “changes’ in facility operation or
characteristics would be useful “actions’” for inclusion in the methodology development database. An “action”
usually consists of construction of a new HOV facility, a change in the length of an existing HOV facility, or
changes in eligibility rules (e.g. 2+ versus 3+ carpools allowed).

It was particularly valuable when severa “actions’ could be identified on a single facility, because then the effects
of different actions on the identical facility could be tested without interference caused by differences in driver
types in different geographic areas. The Katy Transitway in Houston, and the 1-5 freeway in Seattle were two
particularly rich sources of multiple “actions’ occurring on the same facility.

A few, otherwise excellent, “before/after” studies were not included in the database because the HOV facility was
not the only major change occurring in the corridor at that time. For example, a portion of the [-394 Minneapolis
data set was not included in the database because the later portions of the HOV project occurred at the same time
as freeway construction was proceeding. Some of the earlier studies of the Shirley Highway in Washington D.C.
have not been included because of potential confusion of the effects of gasoline shortages in 1973 and 1979 with
the impacts of the HOV facility.

A tota of 27 “before/after” data sets out of a total 56 projects operated by the nine agencies have been identified
and included in the methodology development database. Table Ex-2 lists the projects and the rationale for
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including or excluding each one in the database. Table Ex-3 lists the selected project datasets and their salient
characteristics.

E.3.4. Data Reduction

The various “before/after” data sets identified in the previous step were reduced and consolidated into a single
consistent database. This step involved converting percentages into volumes, trandlating travel time data into
travel time differences, and tilling in gaps in the reported data based upon information available from related
Sources.

For example, vehicle occupancies were sometimes reported for the overall (HOV plus mixed flow) facility but not
specifically for the HOV or mixed flow lanes. This information plus information on violation rates, average
vehicle occupancy by lane, and total lane volumes were then used to assign vehicles by occupancy type to each lane

type.
In other cases, travel times were reported for a section of the freeway that was longer than the section in which the
HOV lane was located. These times were converted to travel times for the shorter section of freeway with the HOV

lane by assuming that all of the observed travel time difference between the HOV lane floating car run and the
mixed flow lane floating car run was due to the HOV lane.

In some cases, only mean or only maximum travel time savings were reported and these had to be converted to the
other missing measurement (mean or maximum) using an estimated ratio of mean to maximum travel times based
on data collected on the Houston and San Francisco HOV facilities.
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Table Ex-1. Agency Profiles

Agency: Caltrans 04 Houston Washington Virginia Minnesota Caltrans 07 New Jersey Santa Clara King/
Metro State DOT DOT DOT Caltrans 11 DOT County Snohomish
Counties
Metro. Area San Francisco, Houston, Seattle, Washington Minneapolis, Los Angeles, Morris County, San Jose, Seattle,
California Texas Washington D.C. Minnesota San Diego, New Jersey California Washington
California
Length of HOV 158 mi. 64 mi. 121 mi. 65 mi. 34 mi. 157 mi. 21 mi. 22 mi. 4 mi.
Lanes
(lane-miles and
lane-km) 254 km 103 km 195 km 105 km 55 km 253 km 34km 35km 6 km
Barrier Sepa- None 5 2 2 21 3 None None None
rated Projects
Concurrent Flow 11 None 7 1 2 6 1 2 4
Projects
Queue Bypass 10 None part of HOV part of HOV part of HOV None None 1 None
Projects lane projects lane projects lane projects
Before & After 7 continuous 2 tri-annual 3 7 in progress 1 1
Studies monitoring monitoring
HOV Facility semi-annual Quarterly reports | Quarterly reports Tri-annual Continuous and None None Annual Report None
Monitoring reports since since 1979 since 1992. No cordon counts, Biennial counts,
Program 1988 travel time data No speed data No Speeds
after 1993

HBOV Traveler 8 sites in 1990 Annual Surveys Surveys 1990, 1986, 1987 1986, 1993 1989 on I-15 None None None
Surveys 1 site in 1995 1985 to 1989 1994 Surveys Surveys

1
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Table Ex-2. Selection of Projects for Methodology Development Database

Agency HOV Project HOV Type Lane- Before-After Selected for Rationale
Miles Report? Database?

1. MnDOT 1. 1-39%4 freeway-reversible 6 Yes No HOV lane during freeway construction
Minneapolis 2.1-394 freeway -concurrent 16 Yes No HOV lane during freeway construction
Minnesota 3. 1-3942 expressway -reversible 4 Yes Yes shows expressway HOV

4.1-35 w freeway -concurrent 12 No No No Data
2. Houston 5. Katy freeway-reversible 13 Yes Yes very rich data set for rule changes
Metro 6. North freeway-reversible 14 Yes Yes shows rule change
Houston 7. Northwest freeway-reversible 14 Yes Yes shows HOV lane addition
Texas 8. Gulf freeway-reversible 12 No No No After Data

9. Southwest freeway-reversible 12 No No No Data
3. cdtrans 10. 1-10 LA freeway-barrier 22 Yes Yes shows conversion of busway to HOV
Los Angeles 11.1-405 LA freeway-concurrent 12 No No No before data
& 12. SR-91 LA freeway-concurrent 16 Yes Yes shows construction of HOV lanes
San Diego 13.1-105 LA freeway-barrier 16 No No HOV and freeway opened same date
Cdlifornia 141210 LA freeway-concurrent 34 Yes Yes shows construction of HOV lanes

56. SR-55 OR freeway-concurrent 22 Yes Yes shows buffer separated HOV lanes

15. 1-15 SD freeway-reversible 20 Yes Yes Extensive data

16. SR-163 SD freeway-concurrent 0 No No No data

17. SR75SD freeway-concurrent 0 No No No data

18. 1-5 SD freeway-concurrent 0 No No Customs station bypass
4, WSDOT 19. I-5 (north) freeway-concurrent 12 No No No data
Seattle 20. 1-5 (central) freeway-concurrent 4 Yes Yes shows ramp meters, rule change, etc.
Washington 21. 1-5 (south) freeway-concurrent 14 No No No data

22.1-90 (west) freeway-barrier 3 No No No data

23. 1-90 (centr) freeway-barrier 12 No No No data

24. 1-90 (east) freeway-concurrent 14 Yes Yes shows lane conversion

25. 1-405 freeway-concurrent 17 No No No data

26. SR-167 freeway-concurrent 4 No No No data

27. SR-520 freeway-concurrent 2 No No No data

2 This project was replaced by freeway HOV facility.
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Table Ex-2. Selection of Projects for Methodology Development Database

Agency HOV Project HOV Type Lane- Before-After Selected for Rationale
Miles Report? Database?
5. Caltrans 4 28. us-101 freeway-concurrent 7 No Yes shows conversions bus to HOV
Marin (S
San Francisco 29. us-101 freeway-concurrent 12 No Yes shows conversion bus to HOV
Marin (N)
Cdlifornia 30. us-101 freeway-concurrent 37 Yes Yes shows HOV add
Santa Clara (N)
31. us-101 freeway-concurrent 26 Yes Yes shows HOV add
Santa Clara (S)
32.1-880 freeway-concurrent 15 No No No data
33.1-280 freeway-concurrent 22 Yes Yes shows HOV add
34. 1-680 freeway-concurrent 21 No No Too recent for after study
35. 1-580 freeway-concurrent 10 No No No data
36. SR-237 expressway-concurrent 12 Yes Yes shows expressway
37. SR-85 freeway-concurrent 44 No No HOV and freeway open same date
3 8-44. Tall freeway-concurrent N/A. No No No data
Bypass
6. Santa Clara | 45. San Tomas | expressway-concurrent 13 Yes Yes shows expressway
San Jose 46. Montague expressway-concurrent 9 Yes No Incomplete before data
California 47. Central expressway-concurrent N/A. No No No data
7. Snohomish 48. 2nd/5th arterial-concurrent 2 ? No No data
Sesttle 49. SR-99 arterial-concurrent 2 ? No No data
Washington 50. SR-522 arterial-concurrent 1 ? No No data
51. Airport/I28 arterial-concurrent 4 Yes Yes shows arterial HOV
8. VDOT 52. 1-395 freeway-barrier 22 Yes No No travel time data
North Virginia | 53.1-66 (east) freeway-barrier 19 Yes No study in progress
Virginia 54. 1-66 (west) freeway-concurrent 14 Yes No study in progress
9. NJDOT 55.1-80 freeway-concurrent 21 Yes No After study not yet available
Total: lane-miles: 640 398 311
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Table Ex-3. Characteristics of Selected Validation Data Sets

No | Facility Location State Road Type | HOV Eligib | Action Length | Peak Peak
Facility ility (miles) | Hour Period
Type Rule Data Data
1 Us 12 Minneapolis | Minnesota Expresswy | Reversible | 2+ Add Lane 3.0+1. |
0
2 1-10 Houston Texas Freeway Reversible | 2+ Convert 3+ to 2+ 6.4 v ~
3 I-10 Houston Texas Freeway Reversible | 2+ Extend 5 miles 11.4 v v
4 1-10 Houston Texas Freeway Reversible | 2+/3+ | Convert 2+to 3+ 11.4 ~ v
S 1-10 Houston Texas Freeway Reversible | 2+ Extend 1.5 miles 12.6 v v
6 1-45N Houston Texas Freeway Reversible 2+ Convert 3+ to 2+ 13.5 ~
7 US-290 Houston Texas Freeway Reversible 2+ Add Lane 9.5 ~ )
8 I-15 San Diego California Freeway Reversible | 2+ Add Lane 8.0 v
9 190 Seattle Washington | Freeway Concurrent | 2+ Convert SOV to 6.2
HOV
10 I-5 Seattle Washington | Freeway Concurrent | 2+ Convert 3+to 2+ 7.7 \l
11 [ L5 Seattle Washington | Freeway Ramp ? HOV Bypass Lns N/A ~
Meters
12 | I-5 Seattle Washington | Freeway Concurrent | 3+ Add Lane 5.6
13 | Us101 San Jose California Freeway Concurrent | 2+ Add SOV+HOV | 6.0 \/
Lane
14 | US 101 San Jose California Freeway Concurrent | 2+ Add Lane 2.8
15 | 1-280 San Jose California Freeway Concurrent | 2+ Add Lane 10.7
16 | AirportRd | Seattle Washington | Arterial Concurrent | 2+ Add Lane 3.3
17 | SR237 San Jose California Expresswy | Concurrent | 2+ Add Lane 5.9
18 | San Tomas | San Jose California Expresswy | Concurrent | 2+ Add Lane 49
19 | I-10 Santa California Freeway Concurrent | 3+ Convert SOV to 12.0
Monica HOV
20 | I-10 San California Freeway Barrier 3+ Convert Bus to 11.0 v
Bemardino Separated HOV
21 | US 101 Marin California Freeway Concurrent | 3+ Convert Bus to 37 v
HOV
22 | SR91EB Los Angeles | California Freeway Concurrent | 2+ Add Lane 8.0 v
23 | I-210 Pasadena California Freeway Concurrent | 2+ Add Lane 17.0 v
24 | SR91 WB | Los Angeles | California Freeway Concurrent | 2+ Add Lane 8.0 \/
25 | SR55 Orange California Freeway Barrier 2+ Add Lane 11.0 v
Separated
26 | US101 Marin (8S) California Freeway Concurrent | 2+ Convert 3+to 2+ 3.7 Y
27 | US101 Marin (N) California Freeway Concurrent | 2+ Convert 3+1t0 2+ 3.0 v
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1. INTRODUCTION

This report presents the results of the literature review and data collection effort for the Federal Highway
Administration Project #42-10-4172, *“Predicting the Demand for High Occupancy Vehicle (HOV) Lanes’.

11 RESEARCH PROJECT OBJECTIVE AND SCOPE

This research project is a two year effort to develop a methodology and micro-computer software model for quickly
analyzing HOV lane demand and operations. The methodology is designed to be applied by planners and
engineers with limited or no access to or experience with regiona travel demand modeling. The methodology will
provide a set of “quick response” procedures for predicting and evaluating the impacts of HOV lanes on person
demand, vehicle demand, auto occupancy, congestion, delay, and air quality. This methodology will be applicable
to corridor, network, and system level HOV demand analysis.

The objectives of this project are to:

1. ldentity and document state-of-the-art practices in predicting, analyzing, and evaluating travel
demand for HOV lanes.

2. Collect, analyze, and report data relevant to the prediction, analysis, and evaluation of HOV lanes.

3. Formulate a methodology for assessing HOV travel demand on freeway and arterial facilities for use
by personnel not experienced in regional travel demand modeling.

4. Develop a computer model with a user’s guide to predict and analyze planned and actual HOV travel
demand that is consistent with the methodology.

1.2 OUTLINE OF REPORT
The executive summary provides an overview of the content of this report.
This first chapter of this report serves as an introduction to the project and the report.

The second chapter is an inventory of HOV facilities in the United States and Canada. This information is useful
in gaining a perspective of the distribution and type of HOV projects and for determining the validity of the sample
used to create the methodology development database.

The third chapter describes the characteristics of HOV lane users that are useful for understanding the basis for
developing a methodology for predicting HOV demand.

The fourth chapter describes the available methods for predicting HOV lane demand and their impacts.

The fifth chapter uses the results of a survey of HOV agencies and the results of the literature review to identify the
need for a new methodology for predicting HOV lane demand and impacts.

The sixth chapter defines the recommended new methodology for predicting the demand for HOV lanes.

The seventh chapter presents the data that was assembled from various HOV lane operators for the purpose of
calibrating and validating the proposed new HOV lane demand estimation methodology.

The Appendices present tabulations of the database, definitions of terminology used in this report, and a
bibliography.



2.  INVENTORY OF HOV PROJECTS

There are 94 HOV projects consisting of 1,188 lane-miles of facilities currently operating on freeways in 17 states
of the United States and in Canada. These 17 states plus North Carolina have plans to add 92 more HOV projects
consisting of 2,296 additional lane-miles.

Six states; California, Florida, Virginia, Washington, Texas, and Hawaii, together account for over 75% of the
existing lane-miles of freeway HOV facilities in the United States. About one-third of the existing HOV projects
and one-half of the proposed HOV projects are located in California.

Over haf of the existing HOV projects on freeways and 80% of proposed HOV projects on freeways are for
concurrent flow HOV lanes.

This chapter presents an overview of existing and proposed HOV facilities in the United States and Canada, and
current HOV planning practices. HOV facilities are categorized by facility type, eligibility requirements, hours of
operation, and their location.

The inventory is divided into two broad categories of HOV facilities - freeways and arterials.

2.1 EXISTING HOV PROJECTS

As a starting point, the list compiled by Charles Fuhs published in January 1995 provided a comprehensive
inventory of existing and proposed HOV facilities located on freeways and separate rights-of ways in North
America’ This list is updated every six months. For current freeway HOV lane projects, the inventory includes
HOV facility information by type of facility, state route, number of lanes, project length in miles, operation period,
eligibility requirements, and changes in rules since opening. The information on proposed HOV lane projects is
summarized by state route, project length in miles, and anticipated opening year.

Figure 2-1 shows the geographic distribution of HOV projects in the U.S. and Canada. Currently, HOV facilities
are in operation in a total of 17 U.S. states and Canada. The existing freeway HOV facilities include 94 projects
which have a total directional mileage of 1,188 miles. Proposed freeway HOV facilities total 92 projects (both new
and extension plans) that cover a total directional mileage of 2,296 miles.

2.1.1 Existing Freeway HOV Projects
The inventory of existing HOV facilities are grouped into the following four categories:

type of HOV design/operations
location/state

occupancy requirement

hours of operation

Current HOV lane projects in the United States and Canada are tabulated by both the total number of projects and
the total number of directional lane miles.

1 Charles Fuhs. “ Inventory of Current and Proposed HOV Projects in the U.S. and Canada,” January 1995.
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Geographic Distribution

As shown in Figure 1, existing HOV facilities are located in several cities throughout the U.S. and Canada.
California (28) has the largest number of HOV projects followed by Washington (13) and Virginia (8). California
also has the most HOV directional lane mileage (454 miles or 38%). Florida and Virginia are the next highest
with 138 miles or 12% and 106 miles or 10%, respectively. Figure 2 shows the number of existing HOV projects
and the corresponding directional lane mileage by state and Canada.

Facility Types

Concurrent HOV facilities have by far the greatest number of projects (49 out of 94) and directional lane mileage
(875 miles or 74%). Figure 3 exhibits the number of existing HOV projects and the directional lane mileage by
type of HOV facility into the following categories: busway, barrier-separated (two-way), barrier-separated
(reversible), concurrent, contra-flow, and queue bypasses. For the barrier-separated reversible flow HOV facilities,
the total lane mileage does not reflect the reversible use of the facility. HOV queue bypass projects are counted on
a geographic area basis and not by individual project.

Occupancy Requirements

Occupancy requirements for existing HOV facilities range from 2 or more persons per vehicle to bus only facilities.
Most existing HOV facilities (68 out of 94) have an occupancy requirement of 2 or more, which amounts to 998
directional lane miles or 84% of the total lane mileage. Those HOV facilities that require 3 or more persons per
vehicle total 10 projects (11%) and 104 directiona lane miles (9%). The occupancy requirement of buses-only
includes 14 projects (15%) and 82 directional lane-mile (7%). Figure 4 displays the number of current HOV
projects and the directional lane mileage by HOV €ligibility requirement. The €eligibility requirements are
classified into the following groups: 2+, 3+, buses only, and others. The “others’ category includes HOV facilities
that are only used by either registered Vanpools or taxis.

Hours of Operation

The hours of operation for a HOV facility vary from a few hours during the morning peak period to 24 hours a day
for 7 days aweek. HOV lanes operating 24 hours for seven days a week have the largest number of HOV projects
(29) and directional lane mileage (462 miles or 39%). Several of these facilities are located in the Los Angeles and
Seattle metropolitan areas. Figure 2-5 illustrates the number of current HOV projects and the directional lane
mileage by total hours of operation. The existing HOV projects are grouped by total number of hour in operation.
Although not evident from the figure, most of the HOV facilities operate during the weekday AM and PM peak
periods.
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FIGURE 2-2: Freeway HOV Projects by State
(January 1995 inventory - Total of 94 Projects and 1,188 Miles)

454
mi.
. .
» 19 mi.
) 28 ) mi. 3 ..Ill’i AT 3 "5" AT mi
1] gl
AZ CA CO CT FL GA H MA MD MN NJ NY PA TN TX VA WA CAN

Freeway HOV Facilities by State

= Number of HOV projects mHOV lane mileage

Source: 1. Charles Fuhs._Inventory of Current and Proposed HOV Projects in the U.S. and Canada, January 1995.

2. Dr. Adolf May. TRB Presentation to the HOV Systems Committee




FIGURE 2-3: Freeway HOV Projects in the U.S. and Canada by HOV Facility Type
(January 1995 Inventory - Total of 94 Projects and 1,188 Miles)
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FIGURE 2-4: Freeway HOV Projects in U.S. and Canada by HOV Eligibility
(January 1995 Inventory - Total of 94 Projects and 1,188 Miles)
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FIGURE 2-5: Freeway HOV Projects in U.S. and Canada by Hours of Operation
(January 1995 Inventory - Total of 94 Projects and 1,188 Miles)
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2.1.2 Existing Arterial and Expressway HOV Projects

A nationa database of current arterial HOV facilities does not exist. Arterial HOV facilities range from reserved
bus only lanes in the urban core area to suburban HOV lanes that resemble freeway HOV lanes in characteristics
and operations, Some arterial HOV lanes are queue bypasses at bottlenecks on mgjor arterials, such as approaches
to bridges or tunnels. Arterial HOV lanes are difficult to generalize since the number of facilities nationwide is
limited and the differences among operating facilities are great.

A study done in the 1980's found 95 concurrent flow HOV lanes nationally.” Of these, 22 arterial HOV facilities
were suspended due to low use, enforcement problems, pedestrian fatalities, or operational problems.

Many of the arterial HOV facilities are bus lanes that are for exclusive use by buses. Carpools are not permitted on
these facilities. The location of bus lanes vary from curb lanes to median lanes to contra-flow lanes. Some streets
are designated as “bus streets’. Examples of bus lanes can be found in most major cities in the U.S. including:
Minneapolis, Washington, D.C., Baltimore, New York City, New Orleans, Chicago, and San Francisco.3

The following arterial or expressway HOV facilities are not restricted solely to buses:

Montague Expressway, Santa Clara County, California
San Tomas Expressway, Santa Clara County, California
SR 237, Santa Clara County, Californiat

SR 99, Seattle, Washington

NE Peacific Street, Seattle, Washington

6. Airport Road, Snohomish County, Washington

The arterial HOV fecilities in Santa Clara County are part of the Santa Clara County Commuter Lane network.
The County’s Transportation 2000 Plan includes a 140-mile network of commuter lanes on freeways and
expressways. About 17 lane miles of concurrent flow arterial HOV lanes are operational during the peak period
only.

g A~ WD e

The arterial HOV facilities in the Seattle area operate as independent facilities and represent an array of arterial
HOV types. The downtown Seattle HOV lanes converts the right parking lane for use by buses only during the
AM and PM peak periods. SR 99 reserves the outside right lane for buses, 3+ car-pools, and right turning vehicles.
The HOV lane on NE Pecific Street provides a queue bypass for buses and carpools at the Montlake Bridge.

SR 522 in Sedttle is an arterial HOV facility that is partially restricted to buses. The northbound parking lane on
SR 522 isreserved for buses and 3+ car-pools on the approach to the bottleneck at NE 145th Street during the AM
peak period. The southbound direction of SR 522 between Kenmore and 145th (approximately 3 miles) is reserved
for buses only 24 hours a day.

The outside lane of Airport Road in the Seattle area is converted to a 2+ HOV lane during the peak periods.

2.2 PROPOSED HOV PROJECTS

The inventory of proposed HOV facilities are grouped into the following two categories: type of HOV
design/operations, and location/state. For each category, the data is summarized by both the total number of

%Batz, TM., “ High Occupancy Vehicle Turnouts, Impacts, and Parameters” FHWA, NTIS #PB87203212/HDM, August
1986, Two Volumes.

SHerbert S. Levinson, Crosby L. Adams, and William F. Hoey. Bus Use of Highways: Planning and Design Guidelines.
NCHRP Report 155, Transportation Research Board, National Research Council, Washington, D.C., 1975, Table 1.

“Has since been upgraded to freeway.
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projects and the total number of directional lane miles. Proposed freeway HOV lane projects in the U.S. and
Canada are included.

The total lane mileage for the proposed HOV facilities amost doubles the number of existing lane miles. The vast
majority of proposed HOV lane projects are located in Cdlifornia. Most of the proposed HOV lane projects are
concurrent flow facilities. These HOV lane projects are at various stages of development. Some are slated to open
in 1995, while others are still in the planning stages.

Similar to existing HOV projects, concurrent HOV lanes have the largest number of projects (73 out of 92) and
directiona lane miles (2,025 miles or 88%). Figure 2-6 shows the number of proposed HOV projects and the
corresponding directional lane mileage by type of HOV facility.

Some of the proposed HOV projects are extensions of existing projects and others are new facilities. As noted in
Figure 6, 12% of the proposed HOV projects are HOV extension projects, and 88% of proposed HOV lane projects
are new HOV lane projects.

Cdlifornia has the largest number of proposed projects (38) and directional lane miles (1,247 miles or 54%).
Washington and Texas continue to extend and expand their HOV systems in Seattle and Houston, respectively.
Massachusetts has several HOV projects planned for the Boston area.  Figure 2-7 exhibits the number of proposed
HOV projects and directional lane mileage by state.

2.3 KEY FINDINGS

The inventory of existing and proposed HOV facilities in the United States and Canada can be summarized as
follows:

Six states; California, Florida, Virginia, Washington, Texas, and Hawalii, together account for over
75% of the existing lane-miles of freeway HOV facilities in the United States. About one-third of the
existing HOV projects and one-half of the proposed HOV projects are located in California.

Over haf of the existing HOV projects on freeways and 80% of proposed HOV projects on freeways
are for concurrent flow HOV lanes.

- About 72% of the existing HOV facilities many of the new facilities define HOV’s as 2 or more
persons per vehicle.

Most HOV facilities operate only during the weekday am and PM peak hours. However, about 30%
of the existing HOV facilities operate on a 24-hour basis for 7 days a week.
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FIGURE 2-6: Proposed Freeway HOV Projects by Facility Type
(January 1995 inventory - Total of 92 Projects and 2,296 Miles)
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FIGURE 2-7: Proposed Freeway HOV Projects by State
(January 1995 Inventory - Total of 92 Projects and 2,296 Miles)
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3. CHARACTERISTICS OF HOV DEMAND

3.1 OVERVIEW

Severa investigators have interviewed commuters or analyzed the results of driver surveys in an attempt to isolate
those demographic, geographic, attitudinal, or trip-specific characteristics which separate carpoolers from
drive-alone commuters and transit users. Some of these investigations supported the development of explicit
mode-choice models, while others have been undertaken in the course of evaluating specific HOV projects. The
findings of these analyses can shed light on the relative importance of different parameters in predicting the use of
anew HOV facility.

Driver surveys have been conducted in conjunction with a wide range of existing HOV projects. Sites where
drivers have been interviewed extensively include Seattle (Ulberg, 1994), the San Francisco Bay Area (Billheimer,
June 1990), Orange County (Giuliano, et al., 1990), Houston (Christiansen and Morris, 1991), and Minneapolis
(Strgar-Roscoe-Fausch, 1987). In addition, at least two researchers (Teal, 1987 and Ferguson, 1995) have
analyzed driver responses to the Nationwide Personal Transportation Study (NPTS) in an attempt to develop a
comprehensive nationwide overview of the demographics and logistics of carpooling. This chapter examines the
key findings of these studies with the aim of identifying those parameters which can be expected to affect the use of
HOV lanes.

3.2 KEY FINDINGS

321 Travel Time and Distance

Trip Length Nearly every study of carpooling tendencies has found that carpooling rates increase with travel
time and trip length. A recent survey of carpoolers on the Route 91 Freeway linking Riverside and Orange
Counties DK, 1990) found that “only 8% of commuters who travel less than ten miles to work Carpool, as
compared to 25% of those who commute 60 miles or more to work.” In terms of travel time, “only 5% of those on
the road for 20 to 30 minutes carpool, whereas 21% of those on the road 90 to 110 minutes carpool.” These
Southern California statistics show lower carpooling tendencies than have been reported elsewhere. In an analysis
of nationwide carpooling trends based on the 1977-78 National Personal Transportation Study (NPTS), Ted
(1987) found that carpooling tendencies increased from 15.5% for trips under ten miles to 33% for trips of more
than 25 miles. In a more recent study based on the 1990 NPTS, Ferguson (1995) found that carpooling
percentages decreased with distance for trips under 10 miles, hovered around 14% for trips between 10 and 20
miles in length and then increased with distance, rising to 20.7% for trips longer than 30 miles. A comparison of
year-to-year carpooling trends in the U.S. as revealed in successive NPTS studies showed that overall carpooling
declined 34% between 1980 and 1990 (Ferguson, 1995).

Perceived HOV Time Savings Several studies (Dobson and Tischer, 1977, Billheimer 1981, and Billheimer,
January 1990) have distinguished between perceived and actual travel times and have found that carpoolers and
solo drivers alike tend to overestimate the time savings available from the use of HOV lanes. A recent study of
carpool lanes in the San Francisco Bay Area (Billheimer, January, 1990), for example showed that “drivers
perceived HOV time savings that were more than double the average savings recorded during the heaviest traffic
period and nearly four times the savings realized by all drivers throughout the morning commute period.” (See
Figure 3-).
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Perceived HOV Lane Time Savings
1995 San Francisco Bay Area Survey
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Figure 3-1. Perceived And Actual HOV Lane Travel Time Savings

This tendency to perceive greater time savings in the Carpool alternative lane makes Carpool lanes more
attractive to drivers than a direct comparison of aternative travel times might indicate, and suggests that
there may be a psychological advantage in providing a Carpool lane even when the available time savings
appear minimal.

Carpool Set-Up Time. In view of the importance of travel time in mode choice, one significant barrier to
carpooling is the amount of time carpoolers spend driving out of their way to pick-up passengers and
waiting for other riders. In a recent MTC-sponsored survey (Billheimer, May 1990) Bay Area carpoolers
were asked to estimate these times. The answers varied with car-pool size and location. However, for an
average trip of 47 minutes, carpoolers spent 2.4 minutes (5.7% of their time) waiting for other carpoolers
to get ready, 4.8 minutes (10.2% of their time) traveling to pick up passengers, and 39.9 minutes (84.7%)
traveling to their destination. Three-person carpoolers required twice as much formation time (roughly 11
minutes) as two-person carpoolers.

It should be emphasized that these estimates of Carpool formation time came from carpoolers. It is
possible that these times may be perceived to be much greater by non-carpoolers, who stress the need for
convenience and minimal door-to-door travel times in justifying their decision to drive aone.

3.2.2 Travel Cost

Researchers have generally found that travel costs are less important than travel time in determining mode
choice (McGillivray, 1970; DKS, 1990). Except in areas where drivers incur significant parking costs,
travel costs tend to be directly related to travel time and distance.

Perceived Costs. Several researchers (Dobson and Tischer, 1977 and Henley, et al., 1981) have found
that drivers tend to underestimate the true cost of their commute by including only gas and ail in their
estimates and ignoring the costs of vehicle ownership and maintenance. Reflecting this finding, Dobson
and Tischer (1977) demonstrated that perceived costs were more accurate than actual costs as a predictor
of mode choice.

Parking Costs. Where they exist, parking costs can be an important element of mode choice. Shoup
(1982) estimated that at least 20% of those drive-alone commuters who park for free would switch to
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ridesharing if they had to pay for parking. Ulberg (1994) reports on a Seattle study that found that only
10% of the bus riders commuting from Northern King County had access to free parking if they drove,
while 84% of the commuters driving alone paid nothing to park. The relative proportion of commuters
who personally pay for parking varies from area to area, and from destination to destination within an
area. A survey of carpoolers on Minnesota's -394 showed that 50% of those destined for downtown
Minneapolis paid parking charges (an average of $85 per month per space), while overal only 20% of al
carpoolers in the general Twin-Cities area had to pay for parking (Strgar-Roscoe-Fausch, 1989). A recent
survey of carpoolers in the San Francisco Bay Area (Billheimer, June 1990) found that 22% personally
paid for parking at their destination. The average charge paid by these carpoolers was $118 per month.
Shoup (reported in Ulberg, 1994) estimates that, nationwide, 93% of al commuters park free at work.

Perceived Carpool Savings. Not all carpoolers perceive that carpooling saves them money. In the San
Francisco Bay Area survey cited above (Billheimer, June, 1990), 77% of the carpoolers surveyed thought
that they saved money by carpooling. Those who didn’t recognize any savings tended to be either drivers
who bore the entire cost of the trip themselves or members of single-household Carpools who didn’t
perceive that would be more expensive for household members to travel separately. The average
perceived savings reported by all carpoolers was $14.00 per week.

3.2.3 Household Characteristics

Household Size. Carpool research has uuiformly shown that a substantial portion of carpoolers come
from the same household. Tea’s study of 1977-78 National Personal Transportation Study (NPTS) Data
showed that 42% of all carpoolers came from the same household (Teal, 1983). By 1990, the proportion
of household-based carpools in the NPTS survey had increased to 59% of all home-based work trips
(Ferguson, 1995). A 1988 telephone survey of working Orange County residents found that 54% of the
carpoolers surveyed carpooled with members of their own household (OCTD, 1988). A recent survey of
Bay Area carpoolers reported that 54% of the car-pools using HOV lanes had been formed with other
household members (Billheimer, June 1990). As would be expected, the prevalence of household-based
Carpools on HOV lanes depends on the occupancy levels required for the use of the lanes.
Household-based carpools are much more likely to be found in lanes admitting two or more occupants
than in lanes with higher occupancy requirements. In a survey of eight Bay Area HOV lanes (Billheimer,
June 1990) on the Bay Bridge, where the HOV lane requires 3-persons, only 33% of the carpoolers
surveyed came from the same household. On HOV projects requiring only two persons, however,
in-household carpools always exceeded 50% of the total,

The prevalence of carpools composed of persons from the same household suggests that the number of
workers per household might be a useful predictor of Carpool formation. Ferguson (1995) reported that
the 1990 NPTS showed that “. . commuters living in households with 5 or more persons are two and one
half times more likely to Carpool than those living in single-person households.” He aso noted that the
dramatic increases in carpooling tendencies with household size were related almost entirely to
household-based carpools. Carpools formed outside the home were relatively unaffected by household
Slze.

Recognizing the importance of single-household carpools, some researchers have isolated those Carpools
and treated them separately. Teal (1987), for example recognized three types of carpoolers:

1. Household Carpoolers, who commute together with at least one other worker from the same
household (42% of 1977-78 NPTS total);

2. External Carpoolers, who share transportation with unrelated individuals and who either share
driving responsibilities or who always drive (36% of 1977-78 NPTS total); and

3. Carpool Riders, who commute with other unrelated workers but who only ride and never provide
avehicle (27% of 1977-78 NPTS total).

External Carpools tend to carry more people than household Carpools. Tea (1987) found that only 5% of
all household Carpools had more than two members, while 39% of cat-pools formed outside the household
had three or more members.
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Household Income. Research findings differ with respect to the impact of household income on
carpooling tendencies. A recent Orange County Marketing Study (McKever, et al., 1991) found no
significant correlation between household income and carpooling tendencies. Ulberg (1994) noted that
Seattle surveys showed a greater propensity to carpool among higher income households, but suggested
that this finding reflected the presence of more wage earners in larger households. In his earlier
nationwide study of NPTS data, Teal (1987) found that carpoolers tended to have lower incomes than
drive-alone commuters. This was particularly true of carpoolers who rode with members of other
households and never provided a vehicle. Teal also concocted a variable composed of the ratio of
drive-alone commuting costs to income, which he called the Commuting Cost to Income (CCTT) burden,
and which proved to be positively correlated with the decision to carpool. The CCTI ratio for all
carpoolers was 4.4%, as compared with 2.5% for commuters who drive alone.

In examining the most recent NPTS data, Ferguson (1995) found that “...carpooling declines with income
at lower income levels, but is largely unrelated to income at higher income levels.” For household
incomes below $30,000 per year, the lower the income level the greater the likelihood of ridesharing.
Workers living in households with family incomes of $30,000 or more showed virtually no change in their
tendency to rideshare as income increased. This is consistent with the earlier findings of Teal (1987),
who reported that the propensity to carpool increased by a factor of 2 to 3 when the ratio of drive-alone
commuting costs exceeded 5% of the average family income per worker. Workers living in higher income
households in which commuting costs constituted a lower proportion of the family budget tended to base
their commuting choice on factors other than cost.

Vehicle Availability. As would be expected, vehicle availability correlates well with the decision to drive
alone rather than carpool. In reviewing research on the influence of socioeconomic characteristics on
mode choice, Ulberg (1994) notes that “...one theme runs through the literature. The most important
characteristic is automobile accessibility in a household.” Teal (1987) found that “among households with
fewer vehicles than workers, 38% of all household commuters are carpoolers, compared with only 15%
when the Vehicle per Worker (VPW) ratio is at least one.

In his survey of the 1990 NPTS data, Ferguson (1995) also found that carpooling is sensitive to the
number of vehicles in the household. Table 3- tabulates the percentage of carpooling found in households
with different numbers of vehicles. It shows that commuters in households with no vehicles are almost
twice as likely to carpool as those in households with four or more vehicles. For households with two or
more vehicles, however (which accounted for 80% of the sampled households), the mode of travel to work
was far less sensitive to the number of vehicles in the household.

Table 3-1. Impact of Vehicle Ownership on Carpooling
INCIDENCE OF CARPOOLING AS A FUNCTION OF HOUSEHOLD VEHICLES

Number of Household Vehicles 0 1 2 3 4+ All Households
Percent Carpooling to Work 26.5% 23.4% 149% 13.8% 13.5% 16.3%

Source: Ferguson, 1995

3.2.4 Individual Demographics

Most past researchers (Dobson and Tischer, 1977; Teal, 1987; and Ulberg, 1994, for example) have found
little evidence that individual demographics can be used to explain carpooling tendencies. They have
argued that carpoolers are much the same as drive-alones in terms of such characteristics as age, gender,
and education. In a thorough early review of ridesharing research, Kostyniuk (1982) wrote that “There is
agreement in the literature that any existing relationships between demographic and work-trip ridesharing
behavior are very weak.” More recently, in examining 1990 NPTS data, Ferguson (1995) found slight but
significant differences between the demographic characteristics of carpoolers and solo drivers. While his



findings may be helpful in separating markets and targeting advertising campaigns, the relationships do
not appear to be sufficiently strong to affect the current mode choice modeling effort.

Age Teal (1987) and Ulberg (1994) found no evidence that age affected Carpool choices. While
Ferguson (1995) found that workers under 25 and over 65 were somewhat more likely to be carpoolers, he
noted that the relationship between age and carpooling, athough statistically significant, was not very
powerful.

Gender. Several researchers (Dobson and Tischer, 1977, Teal , 1987, Strgar-Roscoe-Fausch, 1987) have
found that female and/or clerical workers are more likely to carpool than male and/or professional and
managerial workers. Tea (1987) aso found that married females were more likely to Carpool than
unmarried females or married or unmarried males. Ferguson (1995) found that the 1990 NPTS data
showed that 14.0% of working males carpooled, as compared with 19.1% of working females. He found,
however, that “...male workers are aimost 50% more likely than female workers to Carpool with
non-household members.”

Education. Teal (1987) argued that there was no relationship between carpooling and education. Ulberg
(1995) found carpoolers responding to Seattle surveys to have lower education levels than solo drivers.
Ferguson (1995) found that “. . .Education is one of the few demographic variables to show any systematic
relationship with the composition of carpools.” In reviewing 1990 NPTS data, he found that commuters
with no high school diploma were twice as likely to Carpool, bicycle, or walk to work. As education
increased above the high school level, the propensity to Carpool with strangers declined steadily. Whereas
28% of commuters with no high school diploma carpooled and 17% of those who had only a high school
diploma shared rides to work, the percentage of carpooling dropped to 14% for commuters with some
college experience and to 11% for commuters who had attended graduate school.

3.25 Attitudes and Perceptions

Attitudinal Research. Several researchers (Horowitz and Sheth, 1977, Henley, et a., 1981, and Ulberg,
1995) have explored the attitudes of carpooler and non-carpoolers through survey questions designed to
elicit psychological perceptions of travel modes and document cognitive preferences for different modal
attributes. Horowitz and Sheth (1977) for example, in a psycho-social analysis of ridesharers, identified
primary differences between ridesharers and solo drivers in their perceptions of the convenience,
reliability, comfort, and time savings of the two modes. These studies sometimes belabor the obvious.
Kostyniuk, for instance, reviews a semantic differential analysis that showed that “...poolers liked to drive
with others, whereas solo drivers did not, and poolers perceived a real cost savings whereas nonpoolers
felt that the amount of savings was not worthwhile.” While attitudina preferences are undoubtedly
important in modal choice, isolating these preferences for predictive purposes requires a survey capability
which is beyond the scope of the current modeling effort.

Anti-Carpooling Disposition. Nearly every series of focus group discussions or market-oriented
interviews which has addressed the issue of carpooling has identified a hard core of solo drivers who will
not carpool under any circumstances. Members of this group have a variety of reasons for their stance,
including the need for a car before, during or after work, variable working hours, a short commute trip, or
alack of suitable Carpool matches. The size of this hard core may vary, but it seems safe to estimate that
at least one-third of the current crop of solo drivers in Southern California could not be induced to Carpool
under any circumstances. L This attitude, or more accurately, this set of circumstances, places an effective
upper limit on the benefits which may be expected from any new HOV facility.

It is important to recognize that the upper limit on the number of drive-alones who might be induced to
Carpool through the addition of an HOV lane to a corridor can represent a relatively small proportion of

1In arecent survey of Riverside County commuters, who reported average commute times of over one hour, 35%
said they would not Carpool under any circumstances (DK'S, June 1990).
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current corridor drivers. A survey conducted in advance of HOV lanes on the Long Island Expressway
(Bloch, et d., 1994) found that only twenty percent of existing expressway users were willing to consider
carpooling as an option. Market research conducted prior to the opening of 1-394 in Minneapolis
determined that only ten percent of existing corridor users would consider switching to carpooling or
busing when the Express Lanes were complete (Strgar-Roscoe-Fausch, Inc., 1986). Females under the
age of 35 represented the most likely target for this mode shift.

3.26 Trip End Characteristics

Employment Density. Tea (1987) found a higher percentage of carpooling among auto users in SMSAs
which favor transit trips - those with dense populations and concentrated employment patterns. These
lead to high employment densities and higher parking charges. As noted earlier (Section 3.2.2), drivers
who have to pay for parking are more likely to carpool than those who park for free, and employment
density is a useful surrogate for parking costs.

A Melbourne study (Richardson and Young, 1981) investigating the relative dispersion of individual
origins and destinations at either end of the work trip found that most of those Carpools that are found
among non-household members are work-based. Richardson defined the work-end radius of the commute
trip as the maximum straight-line distance between the driver's place of work and any passenger’s work
place. The home-end radius was similarly defined in terms of the maximum straight-line distance from
the driver’s home to the home of any one of his passengers. Armed with these definitions, the
investigating team found that 70% of those Carpools formed outside a single household had a zero
work-end radius (i.e. carpoolers all work at the same place). By way of contrast, only 12% of those
non-home-based external carpools have a zero home-end-radius. This indicates that external Carpools
tend to be formed by commuters who work together (or near one another) rather than by those who live
near one another. The average work-end radius in Melbourne was found to be 1.1 km for external
Carpools, considerably lower than the corresponding home-end radius of 5.2 km.

Employer Incentives. At the work end of the trip, employers may offer such ridesharing incentives as
subsidized parking, special parking privileges or a transportation allowance for carpoolers. Alternatively,
employers may alow carpoolers to use company-owned vehicles or install a program of flexible working
hours which makes it easier for employees to work out carpooling arrangements. Recent surveys show
that relatively few carpoolers are exposed to these programs. In Houston, only 15% to 20% of employers
offer any sort of carpooling incentive (TTI, 1989). A recent Bay Area survey (Billheimer, June 1990) also
found few employers offering incentives. The most-used incentives in the Bay Area were special parking
privileges, which were offered by 11.7% of employers, and parking subsidies, which were offered by 8.5%
of employers.

3.3 SUMMARY

Commuter interviews undertaken before and after the installation of specific HOV lanes and as part of
broader nationwide surveys such as the National Personal Transportation Study all showed that the
variable with the most consistent impact on carpooling choices are travel time and trip length.
Carpooling tendencies increase significantly with both these variables.

Since an estimated 59% of al work-related carpools are formed within a single household, household size
and vehicle availability are also important predictors of carpooling tendencies. The need to pay for
parking at the workplace also influences carpooling choices, although less than ten percent of all
commuters are faced with this requirement.

Three-person carpools are much more likely to be formed outside the home than two-person carpools. As
aresult, size is not the only difference between carpools using 3+ HOV lanes and those using 2+ lanes.
The Carpools will differ markedly in both composition and ease of formation, factors which must be
considered in predicting HOV demand.
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While households with very low incomes show a higher propensity to Carpool, this factor has little impact
on carpool formation once household income exceeds $30,000 per year. Individual demographics also
serve as relatively weak predictors of ridesharing tendencies, although females tend to be more likely to
share rides than males, particularly in household-based car-pools, and, the tendency to car-pool seems to be
inversely related to one's education level.

In summary, then, the tendency to car-pool:

increases with travel time;

increases with trip length;

increases with household size;

increases as income drops below $30,000 per year;
increases as parking charges are levied at the workplace;
is only weakly related to age; and

decreases with one’s education level.

It is important to recognize that a large proportion of drive-alones either cannot or will not rideshare, and
that the maximum proportion of solo drivers who might be induced to shift to car-pooling through the
addition of an HOV lane to a corridor could be as low as twenty percent of these drivers. While such a
shift could effectively double the number of carpoolers in many corridors, surveys suggest that greater
inroads into the population of solo drivers aren’t likely.
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4. EXISTING METHODS

4.1 APPROACH

The literature review included technical reports, periodicals, computer models, and software documentation. The
review began with a search of the National Technical Information Service (NTIS) and Transportation Research
Information System (TRIS) data bases, as well as computerized files of newdletters, journals, business news sources
and newspaper articles maintained by Dialog Information Service. Key words used in the search process included
high occupancy vehicle lanes, reserved lanes, ramp metering, evaluation, assessment, demand, forecasting,
prediction, mode shift. as well as various permutations and combinations of these words. In addition, members of

the consulting team scoured the library shelves of their own firms and conducted a bibliographic search of the
subject categories at the Institute for Transportation Studies (ITS) Library at the University of California at
Berkeley.

Abstracts of reports and articles identified through the initial search process were reviewed and copies of promising
references were obtained. Typicaly, a review of these reports would yield citations leading to other relevant
references. Two survey articles which were particularly useful in this regard were a state-of-the-art review of
demand analysis for ridesharing from Transportation Research Record 876 (Kostyniuk, 1982)" and a literature
review undertaken by Charles River Associates (CRA) in developing an early demand prediction model (CRA,
1982). The reference list assembled in this fashion was submitted for the review of the consulting team and
members of a Steering Committee of state DOT representatives, MPO members, university researchers,
practitioners and federa transportation officials assembled under the supervision of FHWA. This process led to
the identification and review of over seventy references listed in the bibliography of this report.

4.2 REGIONWIDE LOGIT MODELS

421 OVERVIEW

The most prevalent approach to the regionwide estimation of HOV lane mode shares entails the use of disaggregate
logit models embedded in the traditional four-step transportation planning process of (1) trip generation; (2) trip
distribution; (3) mode split; and (4) traffic assignment. Typically these disaggregate models have been respecitied
to handle carpool modes as well as transit and solo driving, either simultaneously or sequentially in “nested’
formats which separate auto and transit ridership before addressing carpool mode shares.

‘A reference list appears in Appendix C, organized alphabetically by author. In-text references to this list give
the author's name and the year of publication (e.g., Kostyniuk, 1982). When the same author has more than one
reference in the same year, the month of publication is included to identify the specific work.



4.2.1.1 Model Definition

Mathematical Formulation. The conventional multinomial logit formulation for mode share estimation
can be represented as:

P = o) (Equation 4.1)

Z,- exp(U,)
where:

P.= probability of choosing mode i;

i= modes 1 to “n”; and

Ui = U (S, X)) = the utility to an individual of mode i
as a function of transportation level of service variables
and an individual’s socioeconomic characteristics.

Additional details on the logit model may be found in Horowitz, et al. (1986), and the model’s use in
predicting HOV demand is well-treated in the Charles River Associates Report “Predicting Travel
Volumes for HOV Priority Techniques™ (Charles River Associates, 1982).

Model Input. The logit model formulation can accommodate a wide variety of input parameters in
estimating the utility U, of individual modes. Parameters used as explanatory variables in mode-share
models have included the trip characteristics, tripmaker attributes, and trip-end descriptors listed below.

Table 4-1. HOV Mode Split Explanatory Variables

TRIP CHARACTERISTICS TRIPMAKER ATTRIBUTES TRIP-END DESCRIPTORS
TRAVEL TIME HOUSEHOLD INCOME EMPLOYMENT DENSITY
Waiting time WORKERS/HOUSEHOLD EMPLOYER INCENTIVES
Carpool pick-up time AUTO AVAILABILITY Subsidized Parking
Line-haul time NEED FOR CAR BEFORE Special Parking
Distribution time DURING OR AFTER WORK Privilege

TRIP DISTANCE HOUSEHOLD SIZE Flexible Hours

TRAVEL COST LENGTH OF RESIDENCE Transportation

Parking charges Allowance

Gasoline costs

Tolls

HOV TIME SAVINGS

4.2.1.2 Model Features

Nested Models. While Equation 4.1 implies a simultaneous selection process in which all modes
compete for travelers at the same time, some regional logit models (Barton Aschman, 1986; Southern
California Association of Governments, 1986) use a sequential or nested approach. These models first
make the split between auto and transit, and then use submodels to divide auto users into drive-alone and
two- or three-person carpools. This “nested” approach appears to replicate real choice procedures better
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than models in which carpools of various sizes and solo autos compete directly with transit for a fixed
number of travelers.

Pivot Point Models. The pivot point, or incremental logit, model is a simple adaptation of the
multinomial logit model that generally improves accuracy by predicting changes in existing travel
behavior. The data input requirements consist of information on existing mode shares and changes in
transportation service characteristics. Parody (Charles River Associates, 1982) notes that the incremental
approach, in which model coefficients are used to pivot about existing mode shares, “...reduces data
requirements and eliminates the need for detailed socioeconomic and level of service data for each
household or traffic analysis zone.” He further observes that “in general, the model coefficients from
nearly any multimodal mode choice logit model can be reformulated into a pivot point model.”

The basic form of the pivot point logit model is:

= £ exp(AU,) (Equation 4.2)
Z P, exp(AU,)
where ’
P’ = new share of mode i,
P, = original share of mode i;
j = all available modes; and
sU,=  change in utility for mode i

4.2.2 EXAMPLES

Table 4-2 lists the key features of a number of regionwide logit models designed for use in various urban
areas. The table identifies the area, lists a reference describing the model in detail, documents the modes

accepted by the model (in sequential stages for nested models), and lists the input variables used as a basis
for modeling mode selection.

4.2.2.1 Input Data Needs

All of the models in Table 4-2 are multinomial logit formulations designed for use in a traditional
regional urban transportation planning system (UTPS) network. As such, they require node-link
representations of each of the networks represented in the mode choice model. At a minimum, this
includes:

« Highway network time and distance files;
e« HOV network time and distance files;
o Transit network time and distance files; and

+  Zonal data reflecting model parameters (i.e. parking costs; household income; auto occupy
tables; auto ownership; workers/household; HOV lane access; transit availability; transit
fares).



Table 4-2. Summary of Selected Regionwide Logit Models

Mode Split Process Variables
Model/Area Reference First Stage Second Model type Trip Socio-
Stage Descriptors Economic
Metropolitan Barton Drive Alone Pool (2) Nested Time, Cost,| Household
Washington Aschman, . Multinomial| HOV
COG 1986 Transit Pool (3) L ogit Savings é\‘j\fr?er hip
+
Ecosometrics Pool Poal (4+)
Southern SCAG, 1986( Transit Walk Access| Nested Time, Cost,| Auto/House
ca |fo_rn|_a Barton Auto Drive Access [A u'.t' nomial | Income Drivers/HH
Association of Aschman ogit
Governments 1987 ’ Pool Access Workers/HH
Drive Alone Income
Pool (2)
Pool (3+)
Network Carnegie Auto (1 or 2) Multinomial | Time, Cost|Income
Perform_ance M_ellon, Oak Transit Logit Zond Land
Evaluation Ridge, lterative Area
Model Janson, et. a. | Pool (2) .
1087 Assignment
Pool (3+)
San Francisco | Kollo, 1987 Drive Alone Multinomial Time, Cos{ AutosHH
Metropolitan | 5 \is 1988 | Transit Logt Workers/HH
Transportation
Commission Pool (2) Employment
Pool (34) Density
Income
North Central NCTCOG, Drive Alone Multinomial | Time, Cost|CBD
Texas COG 1990 Pool (2) Logit Attraction
Pool (34) Autos/Person
. Choice/No
Transit (walk) Choice
Transit (Drive) quadrants
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The model also requires home-based work (HBW) trip tables linking all origin destination zones, as well
as base-period traffic counts and transit ridership data for calibration and validation purposes.

The development of these regionwide models can require substantial commitments of time and resources.
TTI (1988) estimates that the development of a workable regionwide model can require “. . .18-24 months
of intensive effort.” Most MPOs large enough to consider HOV lanes have aready invested the effort in
developing regionwide network models, although not all of them have incorporated existing or potential
HOV networks into the models.

4.2.2.2 Typical Procedures

Mode Split. The regional UTPS approach to HOV demand estimation can be represented by any of the
models listed in Table 4-2. In the nested model developed for the Southern California Association of
Governments (SCAG, 1986), these models are used to separate modal shares. After a binary mode choice
model estimates transit and auto shares, a disaggregate mode choice model developed by Cambridge
Systematics (CSl, 1993) splits the auto share into shared-ride and drive-alone trips. Finally, a third mode
choice model, developed by Barton Aschman Associates (Barton Aschman, 1987) splits the shared-ride
trips into carpools of two persons and carpools involving three or more persons.

Supply/Demand Interaction. Travel time is an important component of the mode-share models
embedded in the UTPS procedure. Accurate predictions of travel time, however, must reflect anticipated
conditions of congestion on freeways, HOV lanes and arterials, which in turn are affected by modal
choices. Traditional regionwide planting models may require several successive iterations of the traffic
assignment and mode split procedures before the predicted mode shares accurately reflect congestion
conditions on HOV facilities and adjacent mixed-flow lanes. For example, the SCAG model described
above typically reguires fifteen iterations before equilibrium is achieved.

4.2.3 CRITICAL ASSESSMENT

4.2.3.1 Advantages

Regionwide logit models are mathematically tractable and widely used in regiona planning, so that their
use is well understood in the planning community. Since the models incorporate a regionwide network,
they are particularly useful in representing the network impacts of HOV lanes, such as the diversion of
carpool and solo driver trips from parallel routes.

4.2.3.2 Disadvantages

Data Requirements. The use of regionwide network models require extensive data input and model
calibration. This can be a cumbersome process when the issue at hand deals with the impact of HOV
lanes on a limited number of corridors.

Recalibration. Regionwide models require extensive recalibration from location to location. TTI (1988)
cautions that “. . .these models generaly are not directly transferable from one urban area to another,” and
Galbraith and Hensher (1984) found it “. . .very difficult to define criteria that would enable a model to be
transferred to another area,” Recalibration is not only a geographic issue. Bedoe and Miller (1995) found
that a model calibrated for use in Toronto using 1964 data performed very poorly in replicating 1986
travel patterns and concluded that “...model parameters had not remained stable over time.” Thus
recalibration was necessary to ensure temporal transferability as well.

Speed and Delay Estimation. Traditional regionwide network models have limited ability to estimate the
operational impacts of HOV facilities on speed, average delays, and traffic queues. As highway networks
become more and more congested, regionwide models are less and less successful in estimating travel
times and delays. In particular, they fail to replicate the manner in which congestion queues transmit
delays throughout the system. As a result, they are ill-equipped to represent the travel-time advantages
provided by HOV lanes that are crucial in influencing shifts to ridesharing modes.
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Validation. As a practical matter, regionwide logit models have historically not performed well in
replicating the impact of HOV facilities on actual mode choices. A JHK report (JHK, 1994) observes that
“. . .in the application of travel demand models, there are frequently considerable discrepancies between
HOV model estimates and observed roadway counts of multi-occupant vehicles.” TTI (1988) further
cautions that “regional mode-choice models in general, and regional mode-choice models with
components in particular, have not performed well in terms of their ability to predict mode shares.” In
view of the fact that most regional models of HOV use were not originally designed to handle
trip-dependent changes in travel time and have been carved out of traditional logit models developed with
only two modes (transit and auto) in mind and calibrated to match overall corridor flows, it is hardly
surprising that they have not performed well in representing the impact of HOV lanes on mode share.

4.2.3.3 Summary

Although regional logit models are used widely to analyze the network-wide impacts of alternative
systems, they do not seem to be flexible enough to focus on the corridor-specific impacts of HOV facilities.
Existing regionwide models tend to be data-intensive and reguire extensive recalibration to accommodate
transfers both from location to location and from one time frame to another. They are ill-equipped to
represent the operational impacts of HOV lanes on travel times and have historically not performed well
in predicting the impact of these lanes on modal shifts.

4.3 CORRIDOR MODELS

4.3.1 OVERVIEW

4.3.1.1 Model Formulation

Many attempts to model HOV demand have focused on a single corridor, usually ignoring impacts of
HOV facilities in the broader regionwide network and sometimes glossing over the interdependencies
between mode choice and travel times on HOV facilities and adjacent mixed-flow lanes. While some of
these models use the multinomial logit formulation described in connection with regionwide network
models, others use quick-response regression relationships in which HOV lane usage is computed as a
function of travel time savings (for example, Mann, 1983, Parody, 1984, or Wesemann, 1987) or some
other measure of congestion.

Corridor models can also differ markedly with respect to their field of vision within the corridor. For
example, such models can include parallel routes, limit their field of vision to a single freeway (or
arterial), or focus on a single point along a freeway segment.

Parallel Route M odels include two or more parallel routes and typically model the interactions between
these routes in an attempt to replicate the spatial responses, or diversion, which occurs when drivers
switch routes.

Single Route M odels ignore parallel routes to focus on a single route within the corridor. This narrower
focus usually precludes the consideration of spatial response to proposed changes (i.e. diversion from
parallel routes), simplifying the modeling approach at the expense of more robust results.

Critical Point M odels focus on a single point along a route (usually the most congested point) and
compute the traffic performance along the entire route as a function of the congestion at that point. These
approaches greatly reduce data input requirements and simplify modeling efforts at the expense of overal
performance data.

4.3.1.2 Demand Models vs. Supply Models

Corridor Demand Models. Some corridor models of HOV demand (i.e. Mann, 1983 and Wesemann,
1987) ignore the interaction between mode choice and travel time, accepting the travel time differential
between HOV lanes and mixed-flow traffic as a given input variable and using it to compute the demand
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for carpools in the corridor. Other models (i.e. Small, 1977 and Talvitie, 1978) treat the interaction
between demand and travel time explicitly by iterating between demand model results and travel time
models until convergence is obtained.

Traffic Flow Simulations. In recent years, a number of macroscopic simulations of freeway conditions
have been developed as an aid for studying the detailed impacts of design alternatives on speed, delays,
and traffic queues in a specific corridor. Examples of these simulation models include FREQ (May, 1991)
and FREFLO (FHWA, 1992). These models typically take the demand for access to HOV lanes and
mixed flow lanes within a specific time frame as an input variable in simulating the propagation of traffic
queues and congestion delays from one section of the freeway to another. Although these models focus on
the elaborate delineation of freeway operations data, they can be used iteratively with corridor demand
models (Scapinakis, et a., 1991) or with regionwide network models (JHK, 1994) in computing the
impact of HOV lanes on mode choices.

4.3.1.3 Section Contents

This section reviews both corridor demand models designed to predict mode share as a function of freeway
operations and supply models designed to predict freeway speeds and delays as a function of external
demand, as well as attempts to combine both sets of models in a unified approach.

4.3.2 DEMAND MODELS

Table 4-3 lists the key features of a number of demand models designed to estimate the mode split among
solo drivers, carpoolers, and transit users in a transportation corridor. The table identifies the corridor
location, lists references describing the model in detail, documents the modes accepted by the model, and
documents the input variables used as a basis for modeling mode split. The models are listed in
approximate chronological order.

4.3.2.1 Logit Models

A number of investigators have applied the logit model formulation described earlier (See Equations 4.1
and 4.2) in estimating the impact of HOV lanes on mode choice within a single corridor. Cambridge
Systematics (1977) used a pivot point logit model in estimating the effects of Carpool incentives for the
Department of Energy. Coworkers from the Ingtitute of Transportation Studies at the University of
Cadlifornia in Berkeley (Kruger, et a., 1977) developed a disaggregate mode choice model designed to
explore the implications of priority treatments by splitting corridor trips among four competing modes.
The four modes were (1) noncarpooling auto; (2) Carpool (either 2+ or 3+ occupants); (3) bus with walk
access; and (4) bus with auto access (park-and-ride). At the same time, Small (1977) combined a similar
disaggregate model with a simple traffic flow model and Cilliers, May and Cooper (1978) incorporated
the methodology into the FREQ traffic flow simulation. The results of these disaggregate modeling
procedures suggested that increases in carpooling were almost directly proportional to the travel time
differences between carpooling and solo driving afforded by priority treatments.

Talvitie (1978) developed a similar dissagregate model for the 1-580 corridor in San Francisco that uses a
logit model as the first stage in a three-stage process of (1) predicting demand; (2) calculating
level-of-service parameters; and (3) equilibrating between demand and level-of-service estimates. While
this model explicitly considers the interaction between demand and supply on both freeways and parallel
arterials in the travel corridor, the author acknowledges that the supply model used is too insensitive to
changes in highway capacity.
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Table 4-3. Summary of Selected Corridor Demand Models

Variables
Model Reference Mode Split Model Type Trip Descriptors Socio-
Method Economic
Cambridge CSl, 1977 Drive Alone Multinomial Change in Travel Time and Cost by | Location,
Systematics Transit Logit, Pivot Point | Mode Income, Auto
Carpool Availability
UC. Berkeley Kruger, et. al., Non-Carpool Multinomial Logit | Time and Cost Income, Age,
1977 Carpool (2+ or Walk and Wait Time Length of
Small, 1977 3+) Bus Transfers Residence, No.
Cilliers, 1978 Bus (walk) of Children
Bus (Drive)
1-580, San Talvitite, 1978 Drive Alone Multinomial Logit | Access Time Household
Francisco Shared Ride Line Haul Time Characteristics
Bus
Bart
Metropolitan Mann, 1983 Car Occupancy | Regression HOV Time Savings None
Washington Distributions Nomograph
COG
Charles Rivers Parody CRA, Drive Alone Pivot Paint Change in Travel Time by Mode None
Associates 1984 Pool (2) Regression
Pool (3+)
Transit
Orange County Wesemann, HOV Formation Pivot Point Table | HOV Time Savings None
1987 (% of Base) Look-up Trip Length
Texas TTI, 1988 Drive Alone Trip Table Modal Time Destination
Transitway Transit Attractions
Pool
Riverside DKS, 1990 Drive Alone Nonlinear HOV Time Savings Hard Core Drive
County Pool Function Alone
Dallas Poe, et. al. TTI, HOV Lane Use Regression Congestion Level (ADT/Lane) None
1994 as a % of ADT

4.3.2.2 Regression Models and Trip Tables

A number of investigators (Mann, 1983, Parody, 1984, Poe, et a., 1994) have used linear regression

relationships to model the effects of HOV lanes on mode share. In most cases, these models have used the
travel time savings in the HOV lane as an independent variable to predict carpooling tendencies. These

models mimic the relationships of the more complex logit formulations, which aso showed mode share to
be a nearly linear function of travel time differences.

Mann (1983). Mann reports on a technique developed to predict the use of carpools on HOV lanes in the
Washington, D.C. region. The technique was developed by the Metropolitan Washington Council of
Governments/Transportation Planning Board (COG/TPB) and uses a regression analysis in conjunction
with nomographs designed to translate data on average vehicle occupancies into estimates of individual
occupancy rates to predict the impact of HOV lanes on zone-to-zone auto occupancy rates. The regression
relationships are plotted below in Figure 4-l.

As shown, the model uses data from ten existing HOV facilities to develop optimistic and pessimistic

estimates of the impact of HOV time savings on car occupancy statistics. The author himself indicates
that one drawback of the model is the limited number of data sets then available to support HOV demand

estimates.

Another drawback lies in the fact that the model mixes data from HOV lanes requiring two or more

persons (Los Angeles ramps, Honolulu freeways, Miami 1-95) with lanes requiring three or more
occupants (Shirley Highway, Santa Monica Diamond Lanes, EI Monte Busway, and the San
Francisco/Oakland Bay Bridge). Subsequent research (see, for example, Ulberg, 1994) suggests that the
mechanism for Carpool formation differs greatly when occupancy requirements are raised from two to

three persons.
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Parody (1984). After undertaking a thorough review of existing techniques for predicting travel volumes
on HOV facilities (Charles River Associates, 1982), Parody (1984) developed a set of demand and supply
models based, respectively, on regression relationships and speed-volume relationships. The demand
models were estimated using a consistent set of before-and-after empirical data from seven HOV facilities
(Shirley Highway, El Monte Busway, U.S. 101, Banfield Freeway, Miami 1-95, Boston’s Southwest
Expressway, and the Lincoln Tunnel). Five of these facilities were observed before and after the
introduction of different priority requirements, providing additional pairs of observations.

The demand model formulation that produced the most favorable results for all modes is listed below:

m m ) 13
Wl a,+Y a, #H-%) (Equation 4.3)
Vo' ; A
where:
AVA = peak hour before volume for mode m;
V™ = peak hour after volume for mode m;
To = before travel times for modes i to m;
T, = after travel times for modes i to m;
Ao, = calibration coefficients.

Supply models were developed using traditional speed-volume relationships from the Bureau of Public
Roads and combined with the demand models through a set of worksheets that predicted equilibrium
flows of non-carpooling vehicles on general purpose freeway lanes and carpools and buses on HOV lanes.

Parody characterizes this approach as a “quick-response” sketch planning techniques that could be
subjected to additional and possibly more refined analyses. As in the case of Mann (1983), the data set
used to calibrate the model is somewhat sparse, consisting of only twelve-before-after pairs. However, test
applications of these procedures on the original data set yielded favorable results, producing average
errors of less than four percent for the non-priority auto and bus modes, and less than fourteen percent for
the carpool mode. Subsequent applications of the model to more recently developed HOV lanes
(Billheimer, May 1990) also showed that the model performed credibly in predicting HOV lane usage.

Orange County. A simpler procedure for estimating demand on HOV lanes was developed by
Wesemann (1987) for use in Orange County, California. The procedure reflects rates observed on
facilities similar to those planned for Orange County and is summarized below in Table 4-4.

Table 4-4. Orange County HOV Lane Patronage Factors
Factors Used In Estimating Transitway Person Trip Usage For Transitways And Commuter Lanes In Orange County, California

% of Existing Trips Shifting to Transitways % Increase in HOV
Category of Travel Trips 7 Miles Or Less Trips Greater Than 7 Formation For Trips
TimeSavings in Length Miles In Length Using Transitways
Less than 5 minutes No Shift No Shift No Increase
5-9 Minutes No Shift 65-75% 20-30%
10-14 Minutes No Shift 75-85% 30-40%
15 Minutes or Greater No Shift 85-95% 40-50%

Source: Wesemann (1988)
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This demand model segments responses by trip length and is based entirely on the amount of time saved
by theHOV facility. The model predicts no increase in HOV formation until travel time savings exceed
fiveminutes. Thisfliesin the face of experience on many HOV lanesin Northern and Southern
California, which have experienced significant increasesin carpool usagein responseto travel time
savings of two to four minutes. (Billheimer, May 1990). Carpooling on Los Angeles Route 91, for
example, increased over 70 percent in response to an average savings of three minutes, while carpooling
on Santa Clara Route 101 increased by 30% in response to asimilar change. One possible reason why
relatively minor savingsin commute time have produced seemingly disproportionate mode shiftsis that
driverstend to overestimate the time to be saved through the use of HOV lanes.

Texas Transitways. Analternative approach to HOV demand estimation devel oped by Texas
Transportation Institute (TTI, 1988) uses trip tables which focus on employment centers served by specific
HOV lanes. Thistechnique was based on experience from Houston's Katy (I-10W) Transitway and entail
thefollowing steps:

Step 1. Define Transitway Marketing:  Area by identifying the mgjor activity centers served by
atransitway;

Step 2. Compile Trip Tables. Census tracts where trips to the identified activity centers are
likely tooriginate areidentified, and Census Journey-to-Work files are used to estimate the
number of person trips between each origin and the defined destinations.

Step 3: Egtimate Carpool Mode Splits:  Carpool mode splits for the identified activity centers
are estimated using historical data. Asaguide for thisprocess, TTI offersthe Katy Transitway
information shown below is Table 4-5:

Table 4-5. Katy Transitway Characteristics

Activity Center Trip Length Total Employment  Square Feet Office  Employees/ Million 2+ Carpool
(miles) Space sq. ft. Mode-Split
(millions)
Downtown 13 178.300 51.8 3440 20%
City Post Oak 9 78.100 25.3 3090 25%
Greenway Plaza 13 34.200 12.1 2800 24%
Texas Medical 19 49.700 9.8 5100 15%
Center

Source: TTI (1988).

This procedure suggests that for large activity centers with employment densities in the range of
3,000 to 3,500 employees per million square feet of office space and trip lengths in excess of ten
miles, mode splits of 20-25% could be used in sketch planning applications. The exception to the
ruleisthe Texas Medical Center, whose 24-hour aday, seven-day-a-week operation were not
judged by the TTI authorsto be“ . . .particularly conduciveto ridesharing arrangements.”

Step 4: Assign Carpool Vehicle Tripsto Transitway. Once the mode split is accomplished,
trips are assigned to the transitway manually. This procedure providesresultsfor peak-period

demands for 2+ carpools. |f analyses using other occupancy requirements and/or time periods
are needed, TTI offersthe following conversion factors based on Houston experience:

To convert vehicle movement to person movement, multiply by 2.2.
To convert from peak-period to peak-hour, multiply by 0.50.
To convert from 2+ Carpool demand to 3+ carpool demand, multiply by 0.20.

To convert unauthorized Carpool demand to authorized Carpool demand (i.e. if carpooling
requires special identification or training), multiply by 0.60.
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As presented, this approach relies exclusively on information from a single source, and demands some
independent judgment on the part of the user, who must decide, at a minimum, which activity centers are
“particularly conduciveto ridesharing.” It ispossible that the method’ s application range could be
broadened by analyzing and incorporating data from other locations, but this step remains to be taken.

Dallas Poe, et d. (1994) devel oped a simple regression model for use in developing preliminary
planning estimates of future demand for HOV facilitiesin Dallas. HOV traffic was established through
the use of aregression equation relating HOV ridership, expressed as a percentage of average daily traffic
(ADT) levels, to overdl corridor congestion, estimated asafunction of ADT levelsper lane. A graph of
this regression relationship appearsin Figure 4-2.

The regression relationship shown in Figure 4-2, suitably adjusted to reflect local conditions, and iterated
until HOV ridership and congestion conditions are in balance, enables plannersto develop preliminary
projections of HOV ridership for various combinations of futuretraffic levelsand alternative freeway
designs. Whilethis approach is simple, coherent, and logical, it usesfairly crude estimates of HOV
ridership and congestion that are based on ADT measurements and are heavily tied to Houston data. The
authors note that the Houston data are adequate for citieswith similar land use patterns and densities. In
most cases, however, plannerswill need to adjust the regression equationsto reflect local conditions,
traffic directionality, and the percentage of ADT occurring during the peak period.

4.3.3 SUPPLY MODELS

As drivers shift to Carpools and begin to use HOV lanes, the level of service on adjacent mixed flow lanes
is affected. Significant shifts can improve flow in adjacent lanes, reducing the travel time savings
availableinthe HOV lanes, and therefore lowering the incentive to use these lanes. While somemodels
of HOV demand ignore the interaction, others have gone to great lengths to replicate levels of servicein
both HOV and mixed-flow lanes. Becausethe estimation of HOV travel time savingsiscrucial tothe
prediction of HOV mode shares, this section reviews the model and methodol ogies used to predict the
impact of traffic flows on averagetraffic speeds.

4.3.3.1 Travel Time Estimation

Recent research shows that freeway speeds are comparatively insensitiveto traffic flows until theflows
reach capacity. When the volumes exceed capacity, then the average travel speed is determined by the
extent of queuing a various bottlenecks along the freaway.

The BPR Curve. Regional planning models (e.g. UTPS, TRANPLAN, MINUTP, etc.) al incorporate a
relatively simple speed-flow relationship originally developed by the Bureau of Public Roads(BPR) This
curve uses the volume/capacity ratio to reducetheinitial free-flow speed to acongested speed. The same
curveis often applied to both arterials and freeways and is employed in queuing (v/c> 1) and
non-queuing (v/c < 1) situations. Thissimplification tendsto over-estimate speedsfor arterialsand for
queuing situations.

The standard equation for the BPR curveis:
Congested Speed = [Free Flow Speed] / [1+0.15 * (vic)]
wherev/c =V olume/Capacity Ratio

Highway Capacity Manual Curve. The 1985 and 1994 Highway Capacity Manuas (HCM) aso usethe
volume/capacity ratio to estimate freeway speeds. Figure4-11 compares freeway speeds asafunction of
the volume/capacity ratio for both the 1985 and 1994 Highway Capacity Manuals and the BPR curve. As
can be seen, the BPR curve falls between the 1985 and 1994 HCM curves. The greatest discrepancy
between the BPR and HCM curves occur at the point at which volume equals capacity. Since most HOV
lanes areinstalled on freeways operating under conditions of congestion, the estimation of speed-flow
relationshipsin thisrangeis of key importancein modeling HOV impacts.
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Because of the importance of understanding speed-flow relationships under conditions of congestion,
many researchers have attempted to model those conditions in some detail. The following subsection
describes several simulation models developed to replicate freeway flows as traffic volumes approach and
exceed capacity.

4.3.3.2 Freeway Simulation Models

FREQ. FREQ is a macroscopic simulation model capable of modeling HOV lanes, adjacent freeway
lanes and HOV ramp bypass facilities. The first version of FREQ was developed in 1970 by Adolf D. May
and others at the University of California at Berkeley. The model has evolved through a number of
modifications to produce the current parallel versions FREQ 11 PL (where PL signifies priority lanes) and
FREQ 11 PE (where PE signifies priority entry). These models are discussed in some detail in Scapinakis
(1991) and May, et al. (1991).

FREQ simulates traffic flow on a mainline freeway by dividing the freeway into subsections and the study
time period into discrete time slices. The on ramp and mainline demands or service during each time
slice are loaded into each subsection. If demand exceeds capacity, a quene is generated and the queune
propagated upstream into later time slices. Downstream mainline demands are reduced according to the
discharge capacity of each bottleneck subsection.

The use of the FREQ model in simulating HOV lanes has been well documented (Bacon, et al., 1994).
FREQ 11 PL simulates an HOV facility by treating the facility as if it had been split into two separate
roadways (HOV lanes and mixed-flow lanes) and analyzing each facility separately. Speed-flow curves
and capacity restraints for HOV lanes differ from those used for mixed-flow facilities. The model has
been modified through the addition of modules capable of analyzing both modal splits and spatial shifts,
and is capable of simulating the following four situations:

o (Day- 1) Before implementation of the HOV lane.
o (Day + 1) Immediately after implementation of the HOV lane.
e (Middle term) After implementation of the HOV lane with spatial response.

»  (Middle term) After implementation of the HOV lane with modal response.
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FREQ simulates spatial responsesto HOV lanes by modeling a representative arterial running parallel to
the freeway. Ascarpoolers shift from the mixed-flow laneto the newly created HOV lane, travel times
improve on the mixed-flow lane, inducing some vehicles to shift from the paralel arterial (which can
represent the capacity of a number of roadways) to the freeway.

The model can also simulate modal shifts, which are assumed to occur after spatial shifts. Modal shifts
are predicted using amultinomial logit model (Cilliers, 1978) calibrated with data from San Francisco.
(If desired, the user can recalibrate the model using elasticities from another locale). The modal shift is
accomplished through an iterative processin which asmall number of vehicles are shifted from the
mixed-flow lanestothe HOV lane. Travel times are recal culated, and the process continues until the
travel time savings no longer induce mode shift.

The FREQ model has been in use for anumber of years and iswidely accepted as auseful tool for
simulating mainlinefreeway sections. The model’s unique featuresisits ability to smulate, at a
macroscopic level, congested traffic flow conditions under alternative operating scenarios. Because of the
heavy datainput requirements and the complex set of calculations needed to replicate traffic queues and
the promulgation of shock waves, however, the model itself isnot likely to be part of aquick-response
demand estimating procedure. It could, however, be part of amulti-level screening processin which more
complex procedures are used to compute impacts too complex to be estimated through the use of
quick-responsetechniques.

FREFLO. FREFLO isamacroscopic simulation model that represents traffic on afreeway in terms of
aggregate measures of traffic flow, density, and speed. FREFLO ispart of FHWA' s TRAF system of
models (FHWA, 1991) and is capable of modeling both HOV and mixed-flow lanes. This simulation
modelsfreeways as a series of sectionswhichtraffic attemptsto enter. The capacity of each section
determines thetraffic flow that can be passed on to the next section within a specific time frame.

4.3.3.3 Arterial Simulation Models

The simulation of speed on arterial roadwaysis sensitive not only to volume/capacity ratios but also to
signal timing and the spacing of intersections.

M acr oscopic Simulations. Macroscopic simulations of arterial traffic flow apply deterministic
relationshipsto individual roadway sections. Representative modelsinclude:

TRANSYT-7F, amodel developed by the FHWA, that simulates given non-dynamictraffic flowsina
signalized surface street network and optimizes signal timing parameters.

SATURN, asurface street simulation model that combines an operational evaluation of traffic
signalization parameters with atraffic assignment technique. SATURN was developed a the
Institute for Transportation Studies, University of Leeds.

CONTRAM, a surface street network simulation mode! that evaluates and optimizes traffic
signalization. CONTRAM was developed by the British Transport and Road Research
Laboratory.

Microscopic Simulations. Microscopic models simulate the movement of individual vehicles, based on
theories of car-following and lane-changing. Typically, vehicles enter atransportation network using a
statistical distribution of arrivals (a stochastic process) and are tracked through the network on a
second-by-second basis. Representative modelsin this category are:

FRESIM, amodel developed by the FHWA for simulation of freeway traffic operations.

NETSIM, amodel developed by the FHWA for optimization of traffic signal timing in a surface street
network.

INTEGRATION, amodel that was developed to eval uate and optimize the operation of integrated
freeway/signalized arterial networks during recurring and non-recurring congestion.

The INTEGRATION model can be used to represent an entire freeway corridor, along with numerous
paralel arterials. Bacon, et a. (1994) describe the processes needed to model HOV lanes using the
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INTEGRATION simulation. Whilethe model successfully simulated an existing real-world condition, the
authors noted that the coding process needed to represent an entire freeway corridor was"”...quite data and
l[aborintensive.” Because INTEGRATION isahybrid macroscopic and microscopic model moreover, the
simulation time needed to model atest corridor was much longer than that consumed by the macroscopic
model FREQ.

4.3.4 COMBINED APPROACHES

Modelers have found various ways of integrating supply and demand estimates to devel op predictions of
theimpact of HOV laneson mode choice. The most common approach iterates the application of mode
shift equationsand |evel -of -service estimates until the two estimates converge. This is the approach taken
in most regionwide network models and by several analysts modeling corridor impacts (i.e., Small, 1977
and Talvitie, 1978). Some modelers have combined different approachesin an attempt to improve the
accuracy and/or simplicity of HOV lanedemand estimates. JHK and Associates, for example, combined
traditional regionwide planning models with afreeway simulation to improve the level-of-service
estimates available in the regiona network. (JHK, 1994). In another combined approach, investigators at
U.C. Berkeley devel oped athree-tiered HOV lane evaluation in which the analytic complexity increasesin
each of the threetiers (Scapinakis, 1991).

4.3.4.1 CALINK

Because traditional regional planning modelstypical usethe BPR curvein estimatingtraffic flow levels,
they have alimited capability for estimating the impacts of mode shifts on such important measures of
traffic operations as speed, average, delays, and traffic queues. For thisreason, these traditional models
areill-equipped to represent the travel time differences between carpools and single-occupant vehicles that
are introduced by HOV facilities. In an attempt to remedy this defect, JHK & Associates undertook a
project for CALTRANS (HK, 1994) in which afreeway simulation model, FREQ (May, et a., 1991) was
linked with atraditional planning model. The resulting analytical tool, called CALINK, executes the
planning and simulation activitiesiteratively. Estimates of mode split and assigned traffic volumes
produced by the planning model are introduced to the simulation model to produce revised estimates of
freeway speedsandramp delays. The revised travel time information is then introduced to the planning
model for use in anew mode split and assignment. The processis repeated until the travel speeds and
volumes converge from iteration to iteration.

4.34.2 Three- Tiered Screening Procedure

Investigators at U.C. Berkeley (Scapinakis, 1991) have suggested athree-tiered analytic methodology to
help screen promising sitesfor HOV facilities. Thethreetiers proceed from asimple qualitative
evaluation of many candidate sites (Level 1) to arelatively simple analytical model (Level 2) that can be
used to identify the most promising candidates. These candidates are subjected to adetailed analysis
using the FREQ freeway simulation.

Tier One. Thefirst tier of the process entails aqualitative evaluation performed by professionalsfamiliar
with the candidate sites. These professionals exercise their judgment in answering a series of thirteen
questions on ascoring sheet devised asan initial screening device. The scoring sheet with its thirteen
questions appears in Figure 4-4.

Tier Two. Inthistier, simple anaytical models are used to address short- and medium-term operational
issues. Inthefirst phase of thisanalysis, a series of nomographs are used to eval uate the number of
vehiclesin priority and non-priority lanesimmediately after implementation (before any demand response
occurs). A sample nomograph used to assess lane conversion optionsin Seattle appearsin Figure4-5. In
the second phase of thistier, the mode split model developed by Parody is used to predict the demand
shiftslikely to occur in the medium term.

4-16



Tier Three. Thethird tier entails acomprehensive evaluation of those surviving candidates using the
FREQ computer simulation. Because the evaluation requires considerabl e resources, the authors
recommend that it be limited to small numbers of candidate sites.

435 CRITICAL ASSESSMENT

4.3.5.1 Demand Models

Advantages The corridor demand models reviewed in this paper represent simple, transparent
approaches that are easy to understand and apply. Data requirements are minimal, and at |east one
model, that of Parody (1984), appears to perform well in replicating overall demand measurements on
existing HOV lanes (Billheimer, May, 1990).

Disadvantages. Even the best of existing corridor models have been calibrated on limited data sets, either
because relatively few HOV laneswere in operation at the time they were developed (asin the case of the
Mann and Parody models) or because the modelers had a narrow regiona focus (asin the case of the TTI
models). The geographic transferability of these modelsis not well understood, and none are equipped to
deal with spatial and temporal shiftsin trip making. Those modelsthat are based on regression
relationshipstie their predictionsto asingle explanatory variable.

Individual models have specific drawbacks which have been covered in the discussion of those models.
For example, Mann (1983) mixes two-person and three-person carpool lanesindiscriminately in
developing his model, while Poe, et a. (1994) base their projections on a crude measure of congestion
(ADT/lane) that is not easily transferred outside its Houston base of reference.

4.3.5.2 Supply Models

Advantages. Even the simplest speed/volume curves provide a useful mechanism for incorporating the
feedback relationship between Carpool formation and traffic conditionsin demand prediction.

Disadvantages. Theiterative procedures needed to model the feedback between Carpool formation and
travel timesin adjacent mixed-flow lanes can be cumbersome.  Simple speed-volume curves can forecast
vastly different speeds under congested conditions, the only conditionsin which HOV lanesarelikely to
be effective. While more complex simulations can address the impact of carpool formation and spatial
and temporal shifts on travel times under congested conditions, these simulations require more data and
resources than are appropriate for the current modeling effort. In short, simplified supply models do not
replicate congestion conditions well, and those models which do replicate congestion adequately are not
simple.

4.3.5.3 Summary

Simple corridor-based regression models, updated to reflect current HOV lane experience, represent a
promising means of predicting the overall number of carpools attracted to anew HOV lane. Some

mechanism needsto be found for coupling these model s with level-of -service estimates and addressing
issues of spatial and temporal diversion in amanner consistent with a quick-response modeling effort.
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FACILITY NAME: COUNTY: DATE:

SEGMENT FROM: DIRECTION: PEAK PERIOD;,

ANALYST: i

NO

1. ARE THERE ANY PLANS TO INCREASE ROADWAY CAPACITY ?

0. ARE THERE ANY COMPETING MODES OF TRANSPORTATION THAT MIGHT ¢
AFFECT THE DEMAND FOR HOV LANE ? 0.
11. ARE THERE SHORT HOV BYPASSES ALREADY IN EXISTENCE ? 0.
12. 1S THERE A DIRECTIONAL SPLIT OR POTENTIAL FOR A CONTRAFLOW FACILITY 0.

2. 1S THERE CONGESTION WITHIN THE FREEWAY SEGMENT 7 0-5

3. IS THERE A STRONG TRIP ATTRACTION ZONE ? -5

4. IS THE SEGMENT AN URBAN RADIAL FREEWAY WITHIN AN AREA -
WITH POPULATION GREATER THAN 1 MILLION ? 0-5

5. TOWHAT EXTENT IS THE CORRIDOR CURRENTLY USED BY TRANSIT -
OR OTHER HOV ? 0-5

6. ARE THE PHYSICAL CHARACTERISTICS OF THE CORRIDOR APPROPRIATE ? -5

7. HOW ENFORCEABLE WILL THE HOV LANE BE ? o5

8. WHAT ENVIRONMENTAL CONCERNS EXIST? 5

9. IS THERE OR PLANNED A SYSTEM-WIDE HOV DEVELOPMENT EFFORT ? s

; _—

TOTAL

NO
IS THE TOTAL SCORE ACCEPTABLE 7

Y

13. DOES THE HOV LANE DEVELOPMENT NO
CONFORM TO LOCAL PRIORITIES AND

PRACTICES ?

LIST OF CANDIDATE SITES FOR FURTHER
INVESTIGATION

Source: Scapinakis, 1991.

Figure 4-4 The Scoring Sheet Used in the Tier One Evaluation.
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5. NEEDS ANALYSIS

This chapter presents a needs assessment by defining alternative approaches, methodol ogies, and computer
analysistoolsthat are being used to predict HOV lane demand and by evaluating each of these methodologiesin
terms of its ability to satisfy analytical goals and objectives. The results of the user survey conducted for the
methodol ogy development task isalso summarized. The purpose of the needs analysis effort isto assist in defining
as clearly as possible the most desirable characteristics of the HOV methodology, and to prioritize the significance
of various anaysis objectives.

A summary of the needs assessment is presented in Table 5.1. Each of the analysis goals and objectiveswas
assigned arow in Table 5.1 and is defined in Section 5.1. Each of the existing HOV methodology categories was
assigned acolumnin Table5.1 and ispresented in Section 5.2. A (-) signin Table 5.1 means that, based on the
project team’ s evaluation, the particular methodology does not address the corresponding analysis goal at all, or it
addressesitin apoor fashion. A (+) signin Table 5.1 means that the specific analysis goal is addressed by the
corresponding methodology in a satisfactory way. A (0) signin Table 5.1 means that the methodology is neutral in
addressing the analytical goal.

5.1 Analysis Goals

There are severa analysisgoals and objectives for methodol ogies and the software modelsto predict HOV facility
demand. Each of these goalswas assigned arow in Table 5.1 and is described below.

511 HOV Facility Analysis Environment

HOV methodologies and software tools have varying degrees of analytical capabilities with respect to the HOV
facility analysis environment, including:

« Anayzefreeway congestion including mixed-flow and HOV lanes;
Analyzearterial congestion including mixed-flow and HOV lanes,
« Mode on-ramp entry control bypass (HOV bypass);
Perform analysis at the corridor level;
o Perform analysis at the network level; and
o Performanalysisat thetransportation system level.

HOV methodol ogies and software models are capable of analyzing freeway and arterial congestionincluding
mixed-flow and HOV lanes. A (-) signinthe“freeway” and “arterial” rowsin Table 5.1 means that the particular
existing methodol ogy does not address this requirement at all, or it addressesit in apoor fashion. A (+) signin
Table 5.1 meansthat freeway or arterial congestion is addressed by the corresponding methodology in a
satisfactory way and that it incorporates the effect of queuing and delays onto congestion,

ISTEA and federal/state clean air legislation have reinforced the importance of traffic management and control of
the existing highway capacity as an aternative to physical capacity improvements through new construction. In
response to this strategy, an increasing number of urban freeways are ramp-metered. Even though the interaction
of HOV lanes and ramp metering is often perceived as antagonistic, the provision of ramp meter HOV bypass
lanes clearly reinstates the capability for abeneficial synergy between ramp metering and HOV lanes. A () sign
in thisrow of Table 5.1 means that the corresponding methodology does not have the capability to model ramp
meter HOV bypass lanes.
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Table 5.1  Existing HOV Methodologies vs. Project Objectives

EXISTING HOV METHODOLOGIES

Simulation/
Sketch Macroscopic ~ Microscopic Regional
Planning Simulation Simulation  Regional M odel
Analytical Goals Methodologies Models Models Models Linkage
Traffic Operational Characteristics
1. Freeway 0 + + 0 +
2. HOV Bypass + 0 10 +
3. Arteria + + 0 +
4. Corridor 0 + + +
5. Network + + +
6. System + +
Traveler Response
7. Temporal Diversion 0 +
8. Mode Shift 0/+ + + +
9. Route Diversion - +/0 + + +
10. Tota Diversion
11. Short-term Demand + t + + t+
12. Long-term Demand + +
13. HOV Support Systems -10
Measures of Performance
14. Emissions Analysis 0 0 0 +
15. Accurate Speed Estimation 0/+ + 0 0/+
Software Operational Characteristics
16. Quick Method + 0
17. Current Use By DOT + 0 0
18. Operational Status + + -10 + o/
19. Hardware Requirements + + + +
20. Data Reauirements + 0/+ 0/-

Note: (+): The specific anaysis objective is generally addressed by the corresponding methodology.
() The particular methodology does not generally address the specific analysis objective.
(0): Neutral
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Existing HOV methodologies are generally applicable to corridor, network, and system level HOV demand analysis.
Definitionsfor corridor, network, and systemlevel analysisareasfollows:

o Corridor level analysiswouldincludethefreeway (with HOV and mixed-flow lanes) and parallel
arterials.

o Network level analysiswould include the whole network of highways and streetsimpacted by the HOV

lane. Typically, thisincludesagrid of freeways, arterials, and local streetsin the general vicinity of the
HOV lane.

o System level analysiswouldincludetheimpacted network aswell as addressthe interaction of the HOV
lane with dl transportation modes (including SOV, HOV 2, HOV 3, HOV4+, passenger rail, and other
modes).

5.1.2 Traveler Response

Interms of traveler responseto traffic congestion, HOV methodologies and software are capable of estimating and
representing:

e Tempord diversion;
Mode shift;
« Route diversion;

Total diversion;

o Short-term person/vehicle HOV demand;

o Long-term person/vehicleHOV demand; and
The impact of HOV support systems.

Inresponseto anew HOV lane, travel ers can change their time of travel (temporal diversion), canuseadifferent
mode of transportation (mode shift), can select adifferent route(route diversion), or completely cancel or createa
new trip (induced/suppressed demand). A (+) or (-) in the corresponding rows of Table 5.1, respectively represent
how well or badly the corresponding methodol ogy can model temporal, mode, route, or total diversion.

Short-term demand is the vehicle- or person-demand for the HOV lane shortly after it has opened for operation.
Typically, estimation of short-term demand is based on forecasts of volumes, speeds, and travel times, and on
achieving an equilibrium between travel timesin the priority and non-priority lanes. Short-term demand estimation
does not take into account factors such as trip length, route diversion, mode shift, temporal diversion, and total
diversion. In contrast, estimation of long-term demand for HOV lanes takes into account the effects of trip length,
alternative routes, transportation modes, times of travel, and overall congestion onto the demand for the HOV lane.
A (+) inacell of Table 5.1 meansthat the corresponding methodol ogy provides the capability of estimating short-
or long-term HOV demand.

Thelast analysis objective in this category reflects the ability of a particular methodology to analyze the impact of
HOV lane support systems (such as Park-&-Ride facilities, rideshare programs, etc.) onto the demand for the HOV

lane. A (+) or (-) inthisrow of Table 5.1, respectively represent how well or badly the corresponding methodol ogy
can model the impact of HOV lane support systems.

5.1.3 Measures of Performance

In reviewing analytical capabilitiesof existing HOV analysis methodol ogies, two measures of performance have
emerged ascritical inthe prediction of HOV facility demand:

Impact of HOV facilities on vehicular emissions; and
+ Accuracy intravel speed estimation.
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The Clean Air Act Amendments (CAAA) of 1990 and (to a lesser extent) the Intermodal Surface Transportation
Efficiency Act (ISTEA) of 199 1 place great emphasis on modeling to provide accurate accountability towards
meeting air quality goals and deadlinesthat, if not met, could lead to highway funds being withheld. HOV lanes
will only be feasible if it can be shown that their implementation will not further impair air quaity in specific aress.
The ability of existing HOV models to predict and evaluate the impact of HOV lanes on air quality relates to the
following issues:

o Ability to interface with emission rate models (e.g. DTIM) and emissions dispersion models (e.g.
EMFAC and MOBILE);

o Ability to accurately predict traffic volumes and speeds since travel speeds are the most important
determinant of mobile source emission models, generally, the detailed representation of capacity and
flow provided by simulation models results in more accurate speed estimates than those of travel demand
models;

Ability to accurately model the effects of traffic congestion since emissions a low, congested speeds are
different from emissions at uncongested speeds; this also relatesto the ahility to estimate vehicle flow
profiles (vehicle operating mode) since emissionsduring vehicle acceleration are different from
emissions during vehicle cruise or idle mode; and

Ability to model the regional and system-wide impacts of HOV lanes on air quality. California
experience showsthat when HOV laneswere evaluated only at the corridor level, emissionsincreased
when compared to the no-build scenario; however, when network-wide analysiswas performed and
regional modal and spatial shift was taken into account, HOV lanes showed air quality benefits.

A (-) signin Table 5.1 signifies that the corresponding methodology has limited abilities to predict and evaluate the
impact of HOV lanes on vehicular emissions.

HOV methodological procedures generaly predict and evaluate the impact of an HOV facility on person demand,
vehicle demand, auto occupancy, congestion, delay, and air quality. Accuracy in travel speed estimation is
critical to the prediction and evaluation of all the above performance measures. A (+) signin Table 5.1 means that
the corresponding methodology is producing relatively accurate speed estimates.

5.14 Operational Characteristics

This section discusses the level of effort and operational characteristics associated with the implementation of HOV
methodol ogies and software. These attributesinclude:

o Quick response method/level of effort;

o Current use of methodology by State DOTS;
Operational status,

e Hardware requirements; and

o Data requirements.

The project scope of work calls for a methodology to “obtain quick anaysis of HOV lane demand and operations”.
A (+) sign in Table 5.1 signifies that the corresponding methodology is a relatively quick response method for HOV
analysis, while a (-) sign means that the methodology has a more labor-intensive implementation.

The second analysis objective in this category evaluates if a particular methodology is currently used by State
Departments of Transportation (DOT). A (-) signindicatesthat the specific methodol ogy is generally not used
by State DOTSs.

The third analysis objective evaluates the operational status of each methodology including development status,
proprietary status, and analysts' experiencewith use. A (-) in Table 5.1 indicates that the particular methodology is
not fully operationa (e.g.: not 100% debugged, not user-friendly, etc.).
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The project scope of work callsfor development of a* microcomputer model”. This project objective evaluatesthe
operating environment and hardware requirements (microcomputer, mainframe, etc.) for each methodology. A
(+) in Table 5.1 meansthat the corresponding methodology currently operatesin amicrocomputer.

Thelast analysis objective in this section eval uates the amount of data required by each particular methodology. A
(+) sign in Table 5.1 indicates that relatively few data are required for HOV demand analysis.

5.2 Existing HOV Methodologies

Several methodologies exist for predicting HOV facility demand, for evaluatingtraffic operationsat HOV lanes,
and for assessing impacts of HOV lanes. For the purpose of this needs analysis, the HOV methodol ogiesymodels
were grouped into thefollowing categories:

o Sketch planning methodologies;

o Macroscopic simulation models;

o Microscopic simulation models;

o Regiona transportation planning models; and
o Linked regional planning/simulation models.

Each of the HOV demand methodol ogy types shown above were assigned acolumnin Table 5.1 and representative
modelsare briefly described in the remainder of this section.

5.2.1 Sketch Planning Methodologies

Sketch planning methodol ogies produce general order-of-magnitude estimates of HOV facility demand.
Representative modelsin thiscategory include:

The methodology developed by Charles River Associates (CRA) for the FHWA (“ Predicting Travel
Volumesfor HOV Priority Techniques- Technical Report and Final Report,” 1982), otherwise known as
the “ Parody” method;

o ThePivot Point method developed by Cambridge Systematics (“ HOV Support Facilities and Programs”
for MTC - San Francisco Bay Area, 1990);

The TDM model developed by COMSIS Corporation for the FHWA/FTA isused to evaluate HOV lanes
as one of the TDM policies (“ Congestion Management System Alternatives’ - Maricopa Association of
Governments, 1994); and

The“ TCM Tools’ methodology developed by JHK & Associates (“ Evaluate TDM/TSM Effectiveness’ -
Pima Association of Governments, 1993).

5.2.2 Macroscopic Simulation Models

Macroscopic simulation models are based on deterministic rel ationships devel oped through research on highway
capacity and traffic flow. The simulation for a macroscopic model takes place on a section-by-section basisrather
than tracking individual vehicles. The main representative modelsin this category are:

o CORFLO, afamily of surface street and freeway models developed by the FHWA, including FREFLO,
NETFLO 1, NETFLO2, and TRAFFIC.

FREQ, a model developed by the Institute of Transportation Studies at the University of California at
Berkeley, that simulates corridor traffic operationsincluding onefreeway and one parallel arterial.

TRANSYT-7F, amodel developed by the FHWA, that simulates given non-dynamic traffic flowsina
signalized surface street network and optimizes signal timing parameters.
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- SATURN, a surface street simulation model that combines an operational evaluation of traffic
signalization parameters with a traffic assignment technique. SATURN was developed a the Institute for
Transportation Studies, University of Leeds.

o CONTRAM, asurface street network simulation model that eval uates and optimizestraffic signalization.
CONTRAM was developed by the British Transport and Road Research Laboratory.

5.2.3 Microscopic Simulation Models

Microscopic simulation model s simul ate the movement of individual vehicles, based ontheoriesof car-following
and lane-changing. Typically, vehicles enter atransportation network using astatistical distribution of arrivals (a
stochastic process) and are tracked through the network on a second-by-second basis. Representative modelsin this
category are:

FRESIM, a model developed by the FHWA for simulation of freeway traffic operations.

NETSIM, a model developed by the FHWA for optimization of traffic signal timing in a surface street
network.

INTEGRATION, a model that was developed to evaluate and optimize the operation.of integrated
freeway/signalized arterial networks during recurring and non-recurring congestion.

524 Regional Travel Demand Models

Regional travel demand models follow a four-step modeling process including trip generation, trip distribution,
mode choice and trip assignment. The four-step process can be implemented with avariety of software packages
that follow the same overall guidelines for modeling practices but differ in the specific options or parameters that
may beinvoked for aparticular module. The main regional travel demand software packages are UTPS,
TRANPLAN, MINUTP, and EMME/2.

The mode choice element of regional travel demand modelstypically provides estimates of transit trips, single-
occupant vehicle (SOV), and high-occupancy vehicle (HOV) trips. The most common application of the mode
choice model isalogit model with numerous variables, including but not limited to:

- Transit and highway level-of-service (travel time and cost);
Socioeconomic characteristics of the traveler (such as income); and

Characterigtics of household trip origins and destinations (such as autos per household, workers per
household, parking charges, and access travel time).

Predicting HOV facility demand and assessment of impacts of HOV lanes requires specific analytical capabilities,
such asthe consideration of mode choice and major route choice and the representation of traffic flow in the
highway network. These attributes are presently found only in the structure and orientation of regional travel
demand models. Regional models, however, have only limited capability to accurately estimate changesin
operational characteristics (such as speed, delay, and queuing) resulting from implementation of HOV lanes.

A typical problem with HOV demand modeling is that HOV assignments usualy reflect only home-based work
trips (excluding other trip purposes). This resultsin underestimation of HOV lane flows and correspondingly
overestimation of mixed-flow lane flows. Another typical problem with HOV supply modeling is that in most
regional models, the HOV assignment algorithm produces an al-or-nothing alocation that assigns all igible
vehiclesto HOV laneswhenever the speed differential favorsthe HOV lane. Inredlity, proportionally more eligible
vehicles are likely to use the HOV lane as the HOV speed advantage increases.

5.25 Linked Regional/Simulation Models

Accurate estimation of mode shift between HOV, SOV, and transit modes requires accurate estimates of travel times
and speeds experienced by each travel mode. Criticism against regional model forecasts concentrates on the
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inadequate treatment of specific traffic operational characteristics, and the inaccuracy of travel speed and traffic
volume estimates. These inadequacies generally occur because of poor representation of the dynamic nature of
trafficin regional modeling. Estimation of realistic travel speeds requires redlistic representation of queuing,
congestion levels, congestion dissipation, and traffic diversion in space and in time.

To addressregional model deficiencies, there are several efforts under way to link regional modelswith simulation
models. This linkage uses the best characteristics of the two model systems. Simulation models provide accurate
travel time and speed estimation for mixed-flow and HOV lanes. Theregiona model usesthese speed estimatesto
perform route assignment and mode choice. This linkage iterates until convergence is achieved. This approach
enhancestravel demand forecasting by introducing accurate traffic operations analysisto travel demand modeling.
In parallél, this approach enhancestraffic operations analysis by introducing assignment and mode choiceto
freeway simulation modeling.

Thelinked planning/simulation model approach is currently used in several projects sponsored by various state and
federal agencies. Examples of these projectsinclude:

“ Travel Demand and Simulation Modeling” by Caltrans Headquarters; this project devel oped a model
framework that integrates a regional travel demand model (MINUTP, TRANPLAN, or SYSTEM II) with
a freeway simulation model (FREQ) and with an emissions mode;

“IVHS Benefits Assessment Framework” by the Volpe National Transportation Systems Center and the
FHWA; inthis project an analytical tool was developed that links aregional travel demand model with
freeway and arterial macroscopic simulation models (FREQ and TRANSY T-7F, respectively), and with
emissions, fuel consumption, and safety impact assessment models; and

“ Feasihility and Demonstration of Network Simulation Techniques for Estimation of Emissions in a
Large Urban Area’ by the California Air Resources Board; this project examined the feasibility of
linking amicroscopic freeway simulation model (FRESIM) with atravel demand model.

5.3 User Survey

The purpose of this section isto summarize the results of the user survey conducted for the methodology
development task of the Federal Highway Administration Project #42-10-4172, Predicting the Demand for High
Occupancy Vehicle(HOV) Lanes. Theuser survey ispart of the methodology devel opment task that will provide a
set of “quick response” proceduresfor predicting and evaluating the impacts of HOV lanes on person demand,
vehicle demand, auto occupancy, congestion, delay, and air quality.

Theresults of the user survey are summarized according to the following sections.
Section 5.3.1 - Purpose and Approach;
o Section 5.3.2 - Critical HOV Impacts;
o Section 5.3.3 - Current Methodologies/Models;
o Section 5.3.4 - HOV Modeling Approach;
o Section 5.3.5 - Data Availahility; and
Section 5.3.6 - HOV Support Facilities.

5.3.1 Purpose and Approach

5.3.1.1 Purpose

The user survey was conducted to identify the existing methodol ogies being used by the technical planning
community for predicting, analyzing, and evaluating travel demand for HOV lanes and to assess the needs of the
potential model users. Another objective of this survey was to obtain technical staff opinions and input regarding
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possible approaches for modeling HOV facility demand. Inaddition, dataavailability information was collected for
both model inputs and HOV support facilities.

5.3.1.2 Approach

One of the objectives of the project isto formulate a methodol ogy which can be applied by planners and engineers
with limited or no access to or experience with regional travel demand modeling. Nine agencies were selected for
this user survey:

California State Department of Transportation - District 4 (San Francisco, California);
California State Department of Transportation - District 7 (Los Angeles, California);
Minnesota Department of Transportation (Minneapolis, Minnesota);

New Jersey Department of Transportation (Trenton, New Jersey);

Texas State Department of Highways and Public Transportation (SDHPT) and Metropolitan Transit
Authority of Harris County (Houston, Texas);

o Virginia Department of Transportation (Richmond, Virginia);

- Washington State Department of Transportation (Seattle, Washington);
o Santa Clara County (San Jose, Cdlifornia); and

o Snohomish County (Seattle, Washington).

Fifteen telephone surveys were conducted during the months of April and May, 1995. In some cases, morethan one
user was surveyed during onetelephonecall. The following sections present the results of the user survey.

5.3.2 Critical HOV Impacts

The new HOV methodology will guide usersthrough a procedure which will predict and evaluate the impact of an
HOV facility on person and vehicle demand, auto occupancy, congestion, delay, and air quality. To help determine
the extent to which some of these performance measures might be evaluated in the new methodol ogy and model the
userswere asked which of thefollowing HOV facility impacts are most critical for their agency:

Person demand;
Vehicledemand;
Auto occupancy;
Congestion;
Delay; and

Air qudlity.

Table 5.2 presents the agencies' responses to which of the HOV facility impacts were most critical. A (J) inacell
of Table 5.2 means that one of the representatives of that agency identified the HOV facility impact as critical.
Most of those surveyed responded that al of the HOV facility impacts under question are important; the level of
importance depends on the situation (or project) under consideration. The impacts which tended to be most critical
were vehicle demand, congestion, person demand, and air quality. Other HOV facility impacts or outputs which
were mentioned as desired for inclusion in the methodology and model were cost, noise, transit usage, mode split
and trip distribution.



Table 5.2 Most Critical HOV Impacts

Person Vehicle Auto Air
Agency Demand Demand  Occupancy Congestion Delay Quality

Caltrans - District 4 (San Francisco) v v v v v v
Caltrans - District 7 (Los Angeles) v v v v v v
Minnesota Department of Transportation v v v v
New Jersey Department of v v v v
Transportation
Texas (SDHPT) and Metropolitan Transit v v v v v
Authority of Harris County (Metro)
Virginia Department of Transportation v v v
Washington State DOT and Snohomish v v v v
and King Counties
Santa Clara County, California v v v




Table 5.3 Methodologies/Models Used

Agency

Methodologies’Models

Caltrans - District 4 (San Francisco)

Caltrans - District 7 (Los Angeles)

Minnesota Department of Transportation

New Jersey Department of Transportation

Texas State Department of Highways and Public
Transportation (SDHPT) and Metropolitan Transit
Authority of Harris County (Metro)

Virginia Department of Transportation

Washington State Department of Transportation and
Snohomish and King Counties

Santa Clara County, California

MINUTP
EMME2

FREQ

UTPS
DTIM

FREQ
FRESIM
TRAVEL
TRANPLAN
EMMER

FREQ
MINUTP
TRANPLAN

Charles River's Pivot-Point Method

'IEEE%PLAN

Texas Transportation Ingtitute (TTI) Method
Ddlag/Fort Worth Regiona Model (UTPS)
MOBILE

Cambridge Systematics Pivot Point Method
MINUTP

Charles River's Pivot-Point Method
University of Washington Method

FREQ
FRESIM
TRANSYT-7F
EMME2
UTPS

TRANPLAN
DTIM2
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5.3.3 Current MethodologiessModels

Table 5.3 identifies existing methodol ogies or model s used by the agencies represented in the user survey to predict,
analyze, and/or evaluate travel demand for HOV lanes. Three of the agencies stated that they use sketch planning
methodol ogi es (pivot-point), four agenciesidentified use of macroscopic simulation models (FREQ and
TRANSYT-7F), microscopic simulation models (FRESIM) were mentioned for two agencies, and all of the
agencies use regional travel demand models for some type of evaluation of HOV facilities. Theregiona travel
demand models being used by the agenciesinclude TRANPLAN, MINUTP, EMME/2 and UTPS or UTPS-based
models. Approximately half of the agencies represented in the survey use some sort of post-processors for
enhancing speeds and emissions estimates, operational analysis, or for re-estimating mode choice and distribution.

The userswere also asked about their experience using the various existing methodol ogies and models, specifically
thelevel of effort involved and any key advantages or weaknesses. On average, the individuals surveyed have been
using the existing methodol ogies and model sfor over seven years.

5.3.3.1 Level of Effort for Existing Methodol ogies’Models

With respect to regional travel demand models, most of the users stated that once the model was operational, the
level of effort wasminimal. However, the network coding and calibration efforts required to get the mode! running
istime consuming, demanding of personnel, and dataintensive. According to the users surveyed, the macroscopic
and microscopic simulation models tended to be fairly data intensive, but necessary for the outputs desired.

5.3.3.2 Advantages of Existing Methodologies/Models
Some of the advantages of existing methodol ogies and modelsidentified by the usersinclude:

Macroscopic Simulation Models - calibration capabilities, capable of day-l1 and longer time period evaluations,
readily available, and operational analysis capabilities; and

Travel Demand Models - better emissions estimates, mode choice by zones, select-link analysis, dl
trips fully accountable (origin/destination capabilities), LOS analysis, diversions for travel time savings,
integrated with transit, method/model well understood, and confidence in results.

5.3.3.3 Weaknesses of Existing Methodologies/Models

The disadvantages or weaknesses of the existing methodologies and models, as specified by the model users,
include;

Lack of flexibility for geometrics (start and end of HOV lane, right-side HOV facilities, exclusiveon-
and off-ramps, grade, expanding or constricting number of lanes, HOV merging and weaving, extending
or shortening HOV facilities, and general condition changes);

¢ Inability to evauate tempora diversion;

e Only evaluates work trips;

s  Only produces HOV trips for those with a time savings of greater than five minutes,

e All or nothing assignment assumption for HOV analysis leading to overestimation of HOV lane volumes,
s Time period analyss constraints,

e Too many assumptions required (leap-of-faith);

e Extensivenetwork coding, calibration, and data collection required for travel demand models; and

e  Slow/time-consuming to run model.
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534 HOV Modeling Approach

Thefollowing list identifies some of the issues which the model userswould liketo have addressed in a new model
for predicting and evaluating HOV facility demand.

Simple, user friendly, flexible, consistent with existing model s and methodol ogies, better confidencein
results, and outputs understandable to a lay person;

* Right-side HOV analysis, weaving effects (in-and-out of HOV lanes), speed differential, violation rates,
ramp-metering and HOV bypass lanes, signal preemption strategies, eligibility considerations (2+ versus
3+), various effects of lane conversions (mixed flow to HOV), extending or shortening HOV lanes,
access considerations (limited access versus continuous access), exclusive on- and off-ramps, and effects
of various HOV facility terminations (merging/bottlenecks);

Location considerations such as urban versus suburban and/or radial versus circumferential highways,

+  Transit usage and performance, and evaluation of the various modes using the HOV facility (transit,
Carpool, Vanpool, and motorcycles);

Benefit/cost analysis, project costs (construction, operation, and congestion), and HOV project
prioritization (or a a minimum outputs which could be used for prioritization efforts);

o Capture non-work trips as well as work trips,

¢+ Impacts of peak spreading, toll facilities, Carpool incentives, congestion pricing, HOV buy-in programs
(selling HOV lane use to SOV vehicles), and technology (ITS);

Allow for “what-if” scenarios,
¢ Better origin-destination analysis capabilities;

Actua utilization of HOV lane by HOV vehicles (not al HOV vehicles use the HOV facility);
<  Better temporal diversion and mode shift estimation;

¢ Capability to design their own speed versus demand-to-capacity (d/c) curves, but default curves should
also be available; and

+  Capability of outputting schematics, maps, and/or graphs of facility geometrics and model outputs (e.g.,
queuing, air quality, congestion, and speed/flow).

Userswere also surveyed on what the relationship should be of anew HOV model to an existing regional travel
demand model if aregional travel demand model is available for the project study area. Most of the users stated
that there should be a link or interface between the two models and that the results should be consistent. Most of the
usersalso believed that if aregional model isavailablefor the HOV project study area, the regional model should be
used (but not necessarily required) for HOV analysis, especialy for significant decisions such as major investment
studies.

5.3.5 Data Availability
General dataavailability wasinvestigated for several potential model inputs. The potential inputsincluded:
Existing HOV and mixed-flow lane(s) demand and counts for freeways,
Existing HOV and mixed-flow lane(s) demand and counts for on- and off-ramps,
Existing HOV and mixed-flow lane(s) demand and counts for HOV arterial facilities;
HOV demand growth estimates for future analysis periods,
Existing HOV and mixed flow lane(s) occupancy distribution and breakdown options;

512



. Exigting average speeds;

« HOV and mixed-flow lane capacity;

o Number of HOV and mixed-flow lanes;
Length of facilities;
Availability of paralel capacity (corridor characteristics); and
Average speeds on parald facilities.

Table 5.4 presents the availability of input data for each of the agencies. A (+) means that the data is readily
available, a(+/-) meansthe datais somewhat available, and a(-) meansthe datais not available.

Most of the input data was readily or somewhat available. The potential inputswhich tended to have less data
availability included arterial counts (wherean HOV facility on an arterial roadway isto be evaluated), HOV
demand growth estimates, occupancy, average speeds, and information on parallel facilities.

5.3.6 HOV Support Facilities
The users were also surveyed on the data availability of several HOV support facilities, including:
- Ramp-metering;
- Pak-and-ride facilities;
- Carpool/vanpool parking;
- Rideshare programs,
- Public information/marketing programs,
- Automated traffic management systems;
- Transit and/or intermodal stations;
- HOV bypass lanes;
- Exclusive HOV facility on- and off-ramps (skyways); and
- Quantity and type of bus services.

Table 5.5 presents the data availability for various HOV support facilities by agency. A (+) means that the data is
readily available, a(+/-) meansthe datais somewhat available, and a(-) meansthe datais not available. Overall,
most of the agencies surveyed stated that al of the HOV support facilities data or information is available or
somewhat available.
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Table5.4 Input Data Availability

Freeway Ramp Arterial Demand  Vehicle  Average Lane No.of  Faclity Parallel Paralle

Agency Demand Demand Demand Growth Occup. Speeds  Capacity Lanes Length  Capacity Speeds

Caltrans - District 4 + +- +/- + + +- +/- + +]- -
(San Francisco)

Cdltrans - District 7 + H- +- +/- +- + + + + +- +-
(Los Angeles)

Minnesota DOT +- +/- +/- +/- +- + +- + + +-

New Jersey DOT +/- +/- +/- +/- +/- + + + +-

Texas (SDHPT) + +- + - + + + + + +-
and Metro

Virginia DOT + +- +- +/- + + + +

Washington State + + +/- +/- +/- + + + + + -
DOT/Snohomish

Santa Clara County, + + +- +- +/- +/- + + + + +-
Cdifornia

Note: (+): Input data are available.

(+1-):  Input data are somewhat available.

) Input data are not available.
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Table 5.5 Availability of HOV Support Facilities

Park-&-  Carpool/ Public ~ Automated Transit/
Ramp Ride Vanpool  Rideshare Infol Traffic Intermodal Bypass Bus
Agency Metering Facilities  Parking Programs  Mkting M gmt Stations Lanes Skyways  Services
Cdltrans - Digtrict 4 (San +/- + +- + +/- +- + +- +
Francisco)
Cadltrans - District 7 (Los u + +- + +- +- + + +- +
Angeles)
Minnesota DOT + + + + + + +/- +- +/- +
New Jersey DOT +- + +- +- +- +- + +/- n/a +
Texas (SDHPT) and +/- + +- + +- +- + n/a + u
Metro
Virginia DOT +- + +- + +- +- + n/a + +
Washington State + + +- + - + +- + + +
DOT/Snohomish
Santa Clara County, + + +/- +- +-l- +/- + na ¥
Cdlifornia
Note: (+): Data are available.

(+/-):  Data are somewhat available.
(-): Data are not available.
na Not applicable (either the facility does not exist or the user is unsure if the data is available).



6. RECOMMENDED MODELING APPROACH

This chapter provides an overview of the HOV modeling approach for predicting HOV facility demand and
resulting HOV and mixed-flow lane(s) performance. The approach design is based upon contract objectives (and
constraints) aswell ason input received from the Steering Committee augmented through research team
deliberations,

6.1 Datafor Model Development and Testing

The purpose of the new HOV model is to provide a“quick response” methodology for predicting and evauating
the impacts of HOV lanes on person and vehicle demand, auto occupancy, congestion, delay, emissions, and fuel
consumption.  The new HOV model methodology uses travel time differences (HOV versus non-HOV, and before
versus after) asthe “stimulus’ in the demand estimation, and the differencesin vehicle volumes (HOV versus non-
HOV, and before versus after) asthe “response” to be predicted by the methodology.

Table 6.1 contains a summary of the data collected for use in the model development and framework.  The key
elements used in the model development include HOV lane(s) digibility, facility length (study section length),
violation rate, action type (add lane, lane conversion, etc.), travel times, vehicle volumes, and person volumes. A
description of the data collection effort including detailed summaries for each of the HOV facilities is presented in
Appendix D.

6.2 HOV Modeling Approach

The analysisof project objectives and needs, the user requirements survey, and the availability of HOV facility data
have helped to define the most desirable characteristics of the HOV model methodology.  The intent of the new
approachis to provide for a quick-response tool for predicting HOV and mixed-flow |ane(s) demand and traffic
performance, with limited impact estimation capabilities. Inthis sense, the HOV model can be considered asa
screening tool used to evaluate peak period directional roadway sections.  The new approach can be used to
estimate traffic performanceand impacts in the short-term (six months to one year after opening day) and long-
term (after one or more yearsin operation).

The iterative HOV demand/supply estimation process consists of several steps and iterations as shown in
Figure 6.1. The model involves seven individual modules including:

 Input Module - Accepts and edits the input data;

« Allocation Module - Distributes traffic to the HOV and mixed-flow lanes (occurs three
times in the process);

« Supply Module - Predicts travel times for the HOV and mixed-flow lanes;
« Total Response Module - Predicts the total response by vehicle type;
o Equilibration Module - Checks closing criterion;

« Spatial and Modal Response Module - Allocates total response into spatial and modal
components;, and

o Output Module - Computes measures of performance including vehicle and person
volumes, travel times, vehicle and person miles of travel, vehicle and person hours of
travel, vehicle and person delay, air quality/emissions, and fuel consumption.
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Table 6.1  Summary of Data
No. of No. of Facility Time
Roadway HOV MF Length (Peak Hour  violation
NO. Location Date Eligible Classification Lanes Lanes (miles) Peak Period)  Rate (%) Action Type
1 U.S. 12/1-394 - Minneapolis 11/85 2 Arterial 1 2 4.0 PH 5.0 Construct new HOV lane
2 1-10 Katy - Houston 8/86 2 Freeway 1 3 6.4 PH 5.0 Convert 3+ (pre-authorized) to 2+ (unauthorized)
2 1-10 Katy - Houston 8/86 2 Freeway 1 3 6.4 PP 5.0 Convert 3+ (pre-authorized) to 2+ (unauthorized)
3 1-10 Katy - Houston 6/87 2 Freeway 1 3 11.4 PH 5.0 Extend lane 5 miles
3 1-10 Katy - Houston 6/87 2 Freeway 1 3 11.4 PP 5.0 Extend lane 5 miles
4 1-10 Katy - Houston 10/88 3 Freeway 1 3 11.4 PH 5.0 Convert from 2+ to 3+
4 1-10 Katy - Houston 10/88 3 Freeway 1 3 11.4 PP 5.0 Convert from 2+ to 3+
5 1-10 Katy - Houston 1/90 3 Freeway 1 4 12.6 PH 5.0 Extend lane 1.5 miles
5 1-10 Katy - Houston 1/90 3 Freeway 1 4 12.6 PP 5.0 Extend lane 1.5 miles
6 1-45N North Fwy - Houston 6/90 2 Freeway 1 4 135 PH 1.7 Convert 3+ (pre-authorized) to 2+ (unauthorized)
7 U.S. 290 NW Fwy - Houston 8/88 2 Freeway 1 3 9.5 PH 3.6 Construct new HOV lane
7 U.S. 290 NW Fwy - Houston 8/88 2 Freeway 1 3 9.5 PP 3.6 Construct new HOV lane
8 1-15 - San Diego 10/88 2 Freeway 2 4 8.0 PH Construct new HOV lane
8 1-15 - San Diego 10/88 2 Freeway 2 4 8.0 PP Construct new HOV lane
9 1-90 - Seattle 11/93 2 Freeway 1 3 6.2 PP 4.6 Convert 3.7 mi to HOV and add 2.5 mi HOV lane
10 I-5 - Seattle 7/91 2 Freeway 1 3 7.7 PH 22.0 Convert from 3+ to 2+
1 1-5 - Seattle 9/81 Ramp 1 6.0 PP 3.0 Install ramp meters with HOV bypass
12 1-5 - Seattle 8/83 3 Freeway 1 3-4 5.6 PP 19.0 Construct new HOV lane
13 U.S. 101 - San Jose 4/93 2 Freeway 1 3 6.0 PH 5.2 Add SOV and HOV lane (HOV lane gap closure)
13 U.S. 101 -San Jose 4/93 2 Freeway 1 3 6.0 PP 5.2 Add SOV and HOV lane (HOV lane gap closure)
14 U.S. 101 - San Jose 11/86 2 Freeway 1 3 2.8 PI-I 24.3 Add new HOV lane
14 U.S. 101 - San Jose 11/86 2 Freeway 1 3 2.8 PP 13.0 Add new HOV lane
15 1-280 - San Jose 11/90 2 Freeway 1 3 10.7 PH 9.2 Add new HOV lane
15 1-280 - San Jose 11/90 2 Freeway 1 3 10.7 PP 9.2 Add new HOV lane
16 128th/Airport Rd - Seattle 1/93 2 Arterial 1 1-2 3.3 PH Add new HOV lane
17 S.R. 237 - San Jose 10/84 2 Arterial 1 2 5.9 PP 9.0 Add new HOV lane
18 San Tomas Expwy - San Jose 11/82 2 Arterial 1 3 4.9 PP 5.0 Add new HOV lane
19 Santa Monica Diamond Lanes 3/76 3 Freeway 1 3 12.0 PP 12.6 Convert lane to HOV
20 San  Bernardino Express  11/76 3 Freeway 1 4 11.0 PP 8.8 Allow carpools to use exclusive busway
Busway
21 Route 101 - Marin County 6/76 3 Freeway 1 3 3.7 PH 215 Convert bus only lane to carpool lane
22 Route 91- Los Angeles 6/85 2 Freeway 1 4 8.0 PH 7.8 Convert median to carpool lane
23 1-210 - Los Angeles 10/93 2 Freeway 1 5 17.0 PH 2.8 Add new HOV lane
24 Route 91- Los Angeles 3/93 2 Freeway 1 4 10.5 PH 23 Convert median to carpool lane
25 Route 55 - Orange County 11/85 2 Freeway 1 3 11.0 PH 12.0 Convert medianto carpool lane
26 Route 101 - Corte Madera 10/88 2 Freeway 1 3 3.7 PP 11.0 Convert 3+ to 2+
27 Route 101- San Rafael 10/88 2 Freeway 1 3 3.0 PP 10.0 Convert 3+ to 2+
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Table 6.1  Summary of Data (continued)
Average Travel Time (minutes) Person-Volumes Vehicle-Volumes
HOV MF HOV MF HOV Non-HOV HOV Non-HOV HOV Non-HOV HOV Non-HOV

NO.  Location Before Before After After Before Before After After Before Before After After
1 U.S. 12/1-394 - Minneapolis 14.0 14.0 7.8 11.0 1814 3719 2581 3594 281 3719 656 3594
2 1-10 Katy - Houston 12.6 15.0 8.1 15.0 2905 3811 4795 3474 720 3811 1625 3474
2 1-10 Katy - Houston 10.2 11.0 7.9 11.0 6920 11418 9430 11335 1785 11418 3330 11335
3 1-10 Katy - Houston 20.0 26.0 14.2 26.0 4795 3474 4920 4084 1625 3474 1671 4084
3 1-10 Katy - Houston 15.9 19.0 13.8 19.0 9430 11335 11260 12654 3330 11335 3940 12654
4 1-10 Katy - Houston 13.3 22.9 13.2 25.6 2300 6674 3310 6346 361 5374 531 5596
4 1-10 Katy - Houston 13.8 17.9 12.9 18.6 5060 18854 6941 19302 840 15754 1300 17102
5 1-10 Katy - Houston 16.4 28.8 15.3 28.3 3310 6346 3760 6921 531 5496 631 5891
5 1-10 Katy - Houston 15.0 22.0 14.8 22.0 6941 19302 7811 20399 1300 17102 1590 17599
6 1-45N North Fwy - Houston 17.9 19.0 15.4 19.0 4280 7220 6030 6350 700 7220 1380 6350
7 U S. 290 NW Fwy - Houston 20.0 20.0 14.4 18.0 1320 4880 3006 5064 490 4880 1226 5064
7 U.S. 290 NW Fwy - Houston 14.1 14.1 115 12.0 3520 13930 6460 14890 1365 13930 2510 14890
8 1-15 - San Diego 18.0 18.0 8.6 11.0 4910 8601 7845 11266 1749 8601 3047 11266
8 1-15 -San Diego 14.0 14.0 8.7 10.0 10194 23084 13240 27504 3707 23084 4788 27504
9 1-90 - Seattle 6.6 6.6 6.4 6.4 3615 9675 4067 8815 2195 9675 2633 8815
10 1-5 - Seattle 74 8.0 6.0 6.2 5440 4561 6580 4761 1439 4561 1939 4761
11 1-5 -Seattle

12 15 - Seattle 8.0 8.0 6.0 7.0

13 U.S. 101 - San Jose 19.0 19.0 7.0 14.0 1815 3895 3580 3745 511 3895 1582 3745
13 U.S. 101 - San Jose 15.0 15.0 7.0 14.0 3062 7233 6478 7269 1227 7233 3079 7269
14 US. 101 - San Jose 11.0 11.0 4.4 7.0 1288 5112 1936 5224 581 5112 836 5224
14 U.S. 101 -San Jose 9.0 9.0 3.9 5.0 3920 14880 5635 15165 1820 14880 2635 15165
15 1-280 - San Jose 26.0 26.0 131 20.0 1130 5780 1832 6588 340 5780 732 6588
15 1280 - San Jose 22.0 22.0 14.1 16.0 3152 15518 7204 18926 1297 15518 3060 18926
16 128th/Airport Rd - Seattle 8.0 8.0 7.0 8.0

17 S.R. 237 - San Jose 11.0 11.0 6.0 7.5 2534 6566 4625 8575 1034 6566 2025 8575
18 San Tomas Expwy - San Jose 9.0 9.0 7.5 9.0 1528 7301 2659 7773 741 7296 1297 7766
19  Santa Monica Diamond 15.7 15.7 15,5 20.5 2055 28151 4456 22659 492 25270 883 19985

Lanes
20  San Bernardino Express 17.4 19.0 13.2 20.0 7460 30600 10810 31748 840 26800 1886 27808
Busway

21 Route 101 - Marin County 3.9 3.9 3.6 3.9 5155 6229 5620 7590 450 5120 500 5400
22 Route 91- Los Angeles 26.0 26.0 10.1 13,5 2314 6926 3751 6833 1015 6926 1645 6833
23 1-210 - Los Angeles 40.5 40.5 23.9 28.6 4023 9922 4555 8755 1875 9922 2218 8755
24 Route 91- Los Angeles 25.2 25.2 117 145 2657 6437 4648 6934 1205 6437 2075 6934
25  Route 55 - Orange County 32.0 32.0 16.3 29.0 1999 5079 3196 5666 921 5079 1484 5666
26 Route 101 - Corte Madera 5.4 5.8 4.35 4.4 11650 11460 12125 11870 2460 11460 2885 11870
27  Route 101- San Rafael 9.1 10.9 6.6 111 8240 12490 8950 13040 2080 12490 2620 13040
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6.3 Methodology

Thefollowing sections describe each of the modules which formulatethe HOV methodology approach. The
description of each moduleincludesthe purpose, key inputs, the methodol ogy approach, and outputs

6.3.1 Input and Background Calculations Module

The purpose of the input module isto accept and edit the input data. Thisfirst step involves identifying the HOV
study section and the critical sub-section, inputting demand and supply data, and performing background
calculations to adapt the data to the model structure.

The HOV model methodol ogy takesinto consideration the controlling or critical sub-section of adirectional peak
period HOV study section. The critical sub-section is identified as having the highest demand-to-capacity ratio over
the study section length. The remainder of the HOV study section should have afairly uniform demand and
capacity profile over its length. Since the HOV model evaluates the impacts of HOV lane(s) for a single direction
of travel, each direction of the proposed facility must be analyzed separately.

A summary list of data inputs required by the user is presented in Table 6.2. Inputs marked with the symbol (1)
represent the data required for the model. The remaining data inputs are optional since default values are provided
by the methodology. The data inputs have been separated into three categories. project description inputs; current
demand and travel characteristics; and arterial HOV facility inputs. Project description inputs include proposed
design characteristics, facility geometrics, and model parameters. Data inputs such astravel speed, traffic volumes,
and occupancy rates areincluded under current demand and travel characteristics. Theinputslisted under arteria
HOV facility inputs are only required for users who want to assess an HOV lane on an arterial facility. Table 6.2
alsoidentifiestheinputswhich are only required for specific analysis options; for example, lanewidthisonly
required if the user selects the 1994 HCM based option for calculating running time. Table 6.3 contains the default
values for the data inputs.

Table 6.4 presents the model calibration ranges for data inputs and computations for the HOV model methodology.
Therangestypically contain aminimum and maximum value, and may further be divided into dligibility type. If
any of the input or output values do not fall within these minimum and/or maximum ranges, awarning isissued to
inform the user that the value is outside of the model’s calibrated range.

Figure 6.2 contains aflow diagram for the input module framework. The user has four options for inputting data
into the HOV model: a batch file; an input module for users with minimum data; an input module for users with
complex data sets; or the data editor routine. The ASCII batch file method is completely non-interactive. The other
threeformsareinteractive for novice or experience users. The minimum data set routine takes the user though a
series of detailed questionsto input the data. The complete data set routine involvesinputting the datausing a series
of spreadsheet screens. The complex data set routine offers more flexibility and detail for inputting the data.

Depending on the availahility of data, the existing volumes can be input in several different forms. Existing demand
(volumes) isrequested by vehicleand lanetype. If a critical sub-section is specified by the user, data are required
for both the critical sub-section and the remainder of the study section. For userswith very limited data (minimum
data set routine), the HOV model methodol ogy contains aprocessfor deriving traffic volumes by auto occupancy
category based on the total directional volume and the average vehicle occupancy for the entirefacility. The auto
occupancy categories used throughout the HOV model framework include:

Single occupant vehicles (SOV);

o Two-occupant vehicles (HOV?2);

6-5



Table 6.2

Summary List of Inputs

Project Description Inputs

User novice or experienced(D

FREQ based or 1994 HCM based running time calculation option(l)
EMFAC or MOBILE 5 air quality calculation option(

Roadway type

Proposed HOV lane digibility®

Action type(1

Proposed HOV lane barrier availability(‘)

Length of the study section and/or critical sub-section”)

Existing and proposed number of lanes for the study section and/or critical sub-section”)
Capacity per lane for the study section and/or at the critical sub-section
Length of peak period

Distance from traveled way to obstruction (1994 HCM based option only)
Obstruction on one or both sides (1994 HCM based option only)

Lane width (1994 HCM based option only)

Type of terrain (1994 HCM based option only)

Peaking characteristics

Existing and estimated ramp meter delay

Violation rate

Stop criterion

Average annual temperature (EMFAC option onIy)(l)

Trip table alocation percentages (spatiadd and modal response)
Analysis period

Current Demand and Travel Characteristics
e Travel direction(l)

Existing peak period vehicle speed for the study section(d)

Free-flow speed or posted speed limit

Existing peak period average speed on parallel roadways(])

Traffic stream type (1994 HCM based option only)

Percentage of trucks which are gas versus diesel

Percentage of total vehicles which are recreational vehicles (1994 HCM based option only)
Occupancy rate(s) and/or distributions by vehicletype(l)

Existing pesk period demand (volume) for study section and/or critical sub-section(
Maximum percentage of peak period HOV eligible vehicles in the HOV lang(s)

Peak hour factor (1994 HCM based option only)

Arterial HOV Facility Inputs (only necessary if proposed facility is an arterial)

Number of traffic signals over the length of the study sectiond
Percentage of turns which are from exclusive lanes

Quality of signal progression

Averagecyclelength

Averageeffectivegreentime

Note:

() Required data inpuits.
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Table 6.3 Input Data Default Values

Data |nputs Default Values
Project Description Inputs

Roadway type Freeway
Capecity per lane for the study section and/or at the critical sub-section

HOV lane on a 6+ or 4-lane freeway or multi-lane highway 1600 vph

HOV lane on an arterial (saturation flow rate) 1300 vph
Mixed-flow lane on a 6+ lane freaway 2300 vph
Mixed-flow lane on a 4-lane freeway or multi-lane highway 2200 vph
Mixed-flow lane on an arterial (saturation flow rate) 1900 vph
Length of peak period 3 hours
Distance from traveled way to obstruction (1994 HCM based option only) 6 feet
Obstruction on one or both sides (1994 HCM based option only) Both sides

L ane width (1994 HCM based option only) 12 feet

Type of terrain (1994 HCM based option only) Level

Peaking characteristics

Number of sub-periods 4

Length of sub-periods as a portion of the peak period 176, 113, 1/3, 16

Flow rates as a percentage of peak hour volume
HOV lane on a 6+ or 4-lane freeway or multi-lane highway

Existing and estimated average ramp meter delay
No ramp metering
With ramp metering

Violation rate
Stop criterion

Trip table allocation percentages (spatia and modd response)
Fecility

-- Non-HOV to non-HOV
-- Non-HOV to HOV

-- Non-HOV to bus

-- HOV to non-HOV

-- HOV to HOV

-- HOV to bus

-- Busto non-HOV

-- Busto HOV

-- Busto bus

Pardle Fecilities

-- Non-HQV to non-HOV
-- Non-HOV to HOV

-- Non-HOV to bus

-- HOV fo non-HOV

-- HOV to HOV

-- HOV to bus

-- Bus to non-HOV

-- Busto HOV

-- Bus to bus

| 1%, 45%, 32%, 12%
1600 vph

0
1 minute

0%

1%

75%
271%
10%
9%

37%
35%
1%

12%
50%

13%
12%
1%
1%
8%
1%
1%
4%
3%




Table 6.3 Input Data Default Values (continued)

Data Inputs Default Values

- Analysis period Short-term

Current Demand and Travel Characteristics
Free-flow speed or posted speed limit

— Freeway 60 mph
— Arteria 35 mph
« Average vehicle occupancy 1.25
» Average vehicle occupancy for vehicles with 3 or more persons 34
« Average vehicle occupancy for buses 34
o Traffic stream type (1994 HCM based option only) Commuter

o Percentage of tota vehicle volume which are

— Trucks 5%
— Buses 0.5%
— Motorcycles 0.8%
— Recrestiona vehicles (1994 HCM based option only) 0%

Percentage of total trucks on the facility which are
— Gas trucks 70%
— Diesel trucks 30%

Maximum percent peak period HOV digible vehicles in the HOV lane(s)

— 2+ eligibility 80%
— 3+ eligibility 90%
o Peak hour factor (1994 HCM based option only) 0.85

Arterial HOV Facility Inputs (only necessary if proposed facility is an arterial)

o Percentage of turns which are from exclusive lanes 12%

o Qudlity of signal progression 4

e Average cycle length 120 seconds
o Average effective green time 54 seconds
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Table 6.4 Model Calibration Ranges

Data Inputs and Computations Minimum Maximum
(TTAHOVL-TTAMF)/TTAMF -0.67 0.02
Percent HOV eligiblevehiclesinthe HOV lane(s)
. 2+ eligibility 22.4% 77.2%
. 3+ eligibility 75.6% 89.9%
Length of study section (FREQ option only) 5 miles 20 miles
Free-flow speed for freeways 55 mph 65 mph
DI/C 1.25
Number of sub-periods for peaking characteristics 4
Percent HOV change (growth)
. 2+ eligibility 17% 151%
. 3+ eligibility 11% 125%
(TTAH-TTBH)/TTBH
. 2+ eligibility -0.533 -0.030
. 3+ eligibility -0.241 -0.013
(TTAS-TTAH)/TTBS (3+ €ligibility only) 0.077 0.038
Percent non-HOV change (growth)
. 2+ digibility -12% 22%
3+ digibility -21% 9%
(TTASTTBS)/ITTBS
. 2+ eligibility -0.286 0.018
3+ eigibility 0.000 0.303
Length of study section
« 2+ €ligibility 3.0 miles 13.5 miles
3+ eligibility 3.7 miles 12.6 miles
Stop criterion 10%
Average annual temperature (EMFAC option only) 55°F 95°F
Lane width (1994 HCM option only) 10 feet
Average effective green time per cycle (g/cycle) 0.20 0.70

Where: TTAHOVL = Estimated (future) peak period travel time for vehicles in the HOV_Iane(s?
TTAMF = Estimated (future) peak period travel time for vehicles in the mixed-flow lane(s)
TTAH = Estimated (future) peak period HOV €ligible vehicle travel time
TTBH = Existing (before) peak period HOV eligible vehicle travel time
TTAS = Estimated (future) peak period non-HOV dligible vehicle travel time
TTBS = Existing (before) peak period non-HOV eligible vehicle travel time
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Purpose: To Accept and Edit Input Data
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Figure 6.2 Input Module
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Three-or more occupant vehicles (HOV3+);

e Trucks;

o Buses; and

« Motorcycles.
Since trucks, buses, and motorcycles are typically only asmall portion of the total traffic volume, average
percentage values were calculated from the project dataset to be used as defaults. Using the available data sets,
percent flows (volumes) versus average vehicle occupancies (AVO) were plotted for each vehicletype. Figure 6.3
shows the linesfitted to the regression equations devel oped for the SOV and HOV 2 vehicle types. Note that the
percentage of HOV3+ vehiclesisthe remaining percentage out of the sum of SOV and HOV2. The eguations

devel oped to determine the percentage of SOVsandHOV2s in thetotal traffic stream based on AV O take the fol-
lowing form:

% SOV = [(-0.80 * Average Vehicle Occupancy) + 1.80] * 100
% HOV2 = [(0.667 * Average Vehicle Occupancy) - 0.667] * 100

Theinput and background cal culations modul e distributes the existing (or before) vehicle volumes according to the
proposed HOV lane(s) digibility (HOV eligible or non-HOV eligible). It is assumed that for 2+ eligibility, all
vehicles carrying two or more persons, buses, and motorcycles are considered HOV eligible. For3+ facilities, all
vehicleswith three or more persons, buses, and motorcyclesare HOV eligible.

The demand model’s parameters were estimated based upon actual observations of short-term impacts (six-months
to one year); there was minimal data available for long-term impacts. Therefore, if the user isinterested in
conducting along-term analysis of the HOV facility (longer than one year), the following equation is applied to the
existing volumes input or calculated in this module.

. % Growth) Number of analysis years

Long - term volume = Existing volume * (1 10

6.3.2  Allocation Module

The purpose of the allocation moduleisto allocate the HOV and non-HOV eligible vehiclesinto the HOV and
mixed-flow lane(s). The allocation module framework is presented in Figure 6.4. The necessary inputs for the
allocationmoduleinclude:

« HOV lane(s) eligibility;
e HOV lane(s) barrier availability;
« Violation rate;

« Maximum percentage of peak period HOV eligible vehicles in the HOV lane(s) for the
study section;

« Existing (before) peak period travel times for the HOV and mixed-flow lane(s); and

« Existing (before) peak period HOV eligible and non-HOV eligible vehicle volumes.
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Purpose: To Allocate Traffic to HOV and Mixed-Flow Lane(s)
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Asvisiblefrom Figure 6.4, the vehicle volumes are distributed into the HOV and mixed-flow lane(s) using one of
three routines depending upon HOV lane(s) igibility and barrier availability. The three routinesinclude the 2+
barrier routine, the 2+ no-barrier routine, and the 3+ routine (based upon actual data, thereis no differentiation
between barrier and no-barrier for the 3+ dligibility routine). A barrier-separated HOV facility isdefined asa
facility separated from the mixed-flow lanes by a stripe or barrier that limits access. Using the available data sets,
the percent HOV digible vehicles in the HOV lane(s) were plotted against the percent differential in travel times
between the HOV and mixed-flow lane(s) for each of the three cases. Regression equationswere devel oped from
these plots for estimating the percent of HOV eligible vehicles in the HOV lane(s). Figures 6.5 to 6.7 present the
plots for each of the three routines. The equations for estimating the percentage of HOV eligible vehicles in the
HOV lane are as follows:

o For 2+ dligibility and barrier-separated HOV facilities:

%HOVsintheHOVlane=[O.352 ~(1053) *(TTAHOVL - TTAMF)]* 100

TTAMF

Where: TTAHOVL = Estimated (future) HOV lane(s) travel time
TTAMF = Estimated (future) mixed-flow lang(s) travel time
Maximum = 80% or user override
Minimum = 0%

o For 2+ dligibility and no-barrier facilities:

, (TTAHO VL - TTAMF)
TTAMF |

* 100

% HOVs in the HOV lane = [0.439 -(0.389)

Where: TTAHOVL = Estimated (future) HOV lane(s) travel time
TTAMF = Estimated (future) mixed-flow lane(s) travel time
Maximum = 80% or user override
Minimum = 0%

o Forall 3+ digible facilities:

(TTAHOVL - TTAMF){* 100
TTAMF

% HOVs in the HOV lane= [0.503 -(0.882) *

Where: TTAHOVL = Estimated (future) HOV lane(s) travel time
TTAMF = Estimated (future) mixed-flow lang(s) travel time
Maximum = 90% or user override
Minimum = 0%

As evident in the statements following the equations, the user has the capability of overriding the maximum
percentage of HOV dligible vehicles using the HOV lang(s).
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The model then estimates the violators in the HOV lane(s) using the following equation and the violation rate input
by the user.

_ [ Estimated HOVsinthe] | Violation mte}

Estimated violators "
~ | HOV lane(s) volume 100

inthe HOV lane(s)

The sum of the HOV eligible vehicles in the HOV lane(s) and the violators is the estimated peak period HOV
lane(s) volume. The estimated mixed-flow lane(s) volume is the non-HOV eligible vehicle volume minus the
violators in the HOV lane(s) plus the HOV eligible vehicles in the mixed-flow lane(s).

The allocation module is used in three steps within the general model framework as shown in Figure 6.1. Initially it
is used to allocate the existing vehicle volumes into each lane type for existing travel times. Using the travel times
estimated within the supply module, the volumes are then reallocated for estimating HOV and non-HOV eligible
vehicle travel times within the total response module. Finally, the module estimates the HOV and non-HOV
eligible total response which must be allocated into the HOV and mixed-flow lane(s) for use in the equilibration,
spatial and modal response, and output modules.

6.3.3 Supply Module

The supply module computes the travel times for the HOV and mixed-flow lane(s). Within this module, the travel
time computation is different for proposed HOV facilities on a freeway versus an arterial. The inputs to the
supply module include:

* Running time calculation option (FREQ or 1994 HCM based);

e Roadway type;

® Length of study section and critical sub-section;

¢ Length of peak period and peaking characteristics;

¢ Existing and proposed average ramp meter delay;

e Existing and proposed number of lanes for the study section and/ or at critical sub-section;

e Capacity per lane for the study section and/or at the critical sub-section (saturation flow rate for
arterials);

e Free-flow speed;

¢ Existing travel time;

¢ Peak hour factor (1994 HCM option only);

¢ Obstructions and distance from obstruction to traveled way (1994 HCM option only);
e Lane width (1994 HCM option only);

o Traffic stream type (1994 HCM option only);

¢ Percentage of total vehicles which are trucks (1994 HCM option only);

¢ Percentage of total vehicles which are recreational vehicles (1994 HCM option only);
¢ Type of terrain (1994 HCM option only);

¢ Existing and estimated peak period demand (volumes) by lane type for the study section and/or
at the critical sub-section;
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« Percentage of turns which are from exclusive lanes (for arterials omemo-
o Quality of signal progression (for arterials only);

o Average cycle length (for arterials only);

o Average effective green time (for arterials only);

o Average number of signals per mile (for arterials only); and

o Awverage signal spacing (for arterials only).

Figure 6.8 presents the structure for the supply module. The supply module computes travel times for the HOV and
mixed-flow lane(s) using the basic computation:

[ Travel Time] = [Running Time] + [Queue Delay] + [Ramp Meter Delay] + [Travel Time Calibration Value]

For proposed HOV facilities on freeways or arterials, demand to capacity ratios are computed for the critical sub-
section and the remainder of the study section to determineif there will be aqueuedelay. If the demand to capacity
ratio (D/C) is greater than one then the queuing delay must be added to the running time, ramp meter delay, and
calibration value.

The running time is computed differently for freeways and arterials. Separate computations of running time are
performed for the critical sub-section and the remainder of the study section. Thetotal running timefor the study
section is obtained by summing the two values. There are two aternative procedures used to compute running time
for freeways. The options include a FREQ based computation and a 1994 Highway Capacity Manual (HCM) based
approach.

The FREQ based running time computation routine isidentified in Figure 6.9. This procedure was devel oped based
on supply curves estimated using a series of parametric simulations using the macroscopic simulation model FREQ.
The FREQ model was used to estimate the directional freeway study section speed as afunction of the freeway
critical sub-section demand to capacity ratio. Based upon the D/C and the free-flow speed, the running timein
minutes per mile can be estimated and multiplied by the length of the study section to obtain the running time.

The 1994 HCM based option computes the running time according to the equations shown in Figure 6.10 The esti-
mated volume is converted to an ideal volumewhich isthen used to look-up the speed in Figure 3-2 of the HCM.
The BPR curve-type equation contained in Figure 6.10 was fitted to the curvein Figure 3-2 of the HCM. The speed
obtained from this equation is then multiplied by the section length to obtain the running time.

The methodology for estimating running time for arterid HOV facilities is based upon the techniques described in
the arterials chapter of the 1994 HCM. The arterial travel time estimation procedure usesthe HCM arteria speed
computation routine as presented in Figure 6.11. The running time per mile is estimated based upon the free-flow
speed and the average distance between signals computed in the input module. Next the intersection approach delay
is computed according to equation 2 in Figure 6.11 Thearterial running timeisafunction of the section length, the
average number of signals per mile, the running time between signals, and the average intersection approach delay,
and is computed as follows.
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@ Vpredicted
V.

ideal =
PHEF * f width * f heavy vehicles * f population

Where:
Videal = Ideal flow rate to compute speed
V predicted = Predicted volume (vph)
PHF = Peak hour factor
T iatn = Lane width and lateral clearance adjustment factor
S reavy vehictes Adjustment factor for effect of heavy vehicles
F poputation = Driver population adjustment factor

1 + a(v/c)®

Where:
s = Predicted mean speed (mph)
s, = Free-flow speed (mph)
v = Minimum of v,,_, or capacity
¢ = Capacity
a =016+ 70
b =4+ 70-3
2.5

Source: 1994 Highway Capacity Manual

Figure 6.10
Freeway Running Time Computation Routine - 1994 HCM Based
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@ 3600
Running time per mile =
5, - asexp ®dish

Where:
s, = Free-flow speed (mph)
dist = Average distance between signals (miles)
s~ 70
a = 18+
250
b s;-25 9
= -5
@ D=13*(d, *DF+d,)
Where:
d,, = Approach uniform delay (sec/veh)
2
=(0.38)*C* [1-G/0)

[1-(G/C)*Min(X,1.0)]
d; = Approach incremental delay (sec/veh)

—173% X2 *{(X-1)+J(X—1)2 +m*(X/C)}

DF = Delay adjustment factor
C = Cycle length (sec)
G = Effective green time for the lane group (sec)
G/C = Green ratio for the subject group

X = Volume/capacity ratio for the subject lane group (if v/c >1.00, use 1.00)
v = Volume per hour
¢ = Capacity for the through lane group (vph)

m = Calibration term for incremental delay

D = Approach total delay

Source: 1994 Highway Capacity Manual

Figure 6.11 Arterial Running Time Computation Routine
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The arterial running time estimate using this procedure is only valid for volume to capacity ratios (v/c) less than or
equal to 1.00. Therefore, if v/c is greater than 1.00, the running time estimated using this process is added to the
additional time estimated in the queue analysis routine.

The queue analysis routine is used when the demand to capacity ratio is greater than 1.00. If the demand to capacity
ratio is less than 1.00, then the queue delay equals zero. The queue analysis routine is used for both freeway and
arterial facilities and is computed separately for the critical sub-section and the remainder of the study section. As
shown in Figure 6.12, the queue analysis routine requires data on peaking characteristics to determine the duration
of the queue, when the queue occurs, and when the queue clears to estimate the total delay. The graphs in

Figure 6.12 show the accumulated volume and queue versus time through the sub-periods. The figure also
identifies the model’s default values for the peaking characteristics.

Data checks are necessary to verify that the queue will clear during the analysis period. The queue first occurs
within the sub-period where the demand rate (V) is greater than the capacity. Next, the sub-period where the queue
clears is determined, checking to see if the queue builds again in another period. Total and mean delay are then
computed using lane(s) capacities and sub-period lengths and volume rates, using the following equations:

_ " _
p.* (V- -C )
2 ‘]‘: ] 7 ]
* *
Estimated total delay = U5(v;-CG)|F+F C. .-V +R
2|t k+1 "k+1
Where: i=j= Number of sub-periods;
P = Length of sub-period in hours;
V = Demand rate;
C = Capacity;
Case k R
A 1 0
B 2 (Vi-C)*P, * P,
C 3 [(vl - Cl) * Pl * (Pz + Pz)] + [(Vz - Cz) * Pz* Ps]

Case A = Queue clears in second sub-period;
Case B = Queue clears in second sub-period; and
Case C = Queue clears in fourth sub-period.

60 * |Estimated total delay|
[Estimated volume)

Estimated queuing delay =

If the facility has either existing or proposed ramp metering, the user has the option of including ramp meter delay
in the travel time computation routine. The user needs to input ramp meter delay, in minutes, for the HOV
eligible and non-HOV eligible vehicles. Since the model was not calibrated for ramp metering specifically, a
warning is issued to the user to that effect. Also, if there is no ramp metering in the existing (before) case, but
there is ramp metering proposed for the future facility, a warning is issued to the user that there will be origin and
destination discrepancies since ramp metering tends to favor longer trips.
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Figure 6.12 Queue Analysis Routine (Dcss/C>1.0)
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The existing ramp meter delay input by the user isdirectly input into the travel time calculation. Ideally, for the
estimated (future) travel time computation, the estimated user input ramp meter delay should be adjusted after each
run of themodel. To dothis, the estimated demand (volume) output from the total response model and distributed
through the all ocation module could be input into FREQ and run. The average ramp delay from the FREQ run
could then be used as the input in the HOV model. The procedure would be complete when the average ramp delay
output from FREQ is approximately equal to the ramp meter delay input by the user.

Thetravel time calibration term adjusts the forecasted travel timesto account for differences between estimated
travel time and the observed travel time (user input). The existing travel time is estimated using the supply module
routine described above. Thistravel time estimation uses existing roadway geometrics and demand input by the
user. If the estimated travel timeis significantly different from observed travel time (greater than20%), the user
must adjust the input capacity values and/or peaking characteristicsto more closely reflect input travel times. This
difference between the modd’ s estimated existing travel time and the travel timeinput by the user is added to the
running time, queue delay, and ramp meter delay in each iteration to compute total travel times.

6.34  Tota Response Module

Inthis step, the HOV model estimates total traveler response to the proposed HOV facility. Several variables
influence the demand for HOV facilitiesincluding travel time savingsinthe HOV lane, trip length, household size,
vehicle availability, rideshare programs, parking costs, etc. HOV demand models typically express the demand for
an HOV facility (dependent variable) as a function of several tangible explanatory variables.

Because the total response model’ s parameters are estimated based on actual observations, all carpool formation
factors and travel er responsesto the HOV lane are assumed to be accounted for within the data used for model
estimation. Thus, HOV demand models are typically forecasting the total response to the HOV lane which
aggregates spatial, temporal, and modal responses. Animplicit assumption in the estimation of the HOV model
(and aguidein the selection of observation sites) was that apart from the HOV lane, no other major changes have
occurred in the locations used in the statistical estimation of the model.

Based onthe HOV literature review, HOV lanetravel time savings emerged as the primary determinant of HOV
demand. Consequently, the total response model was developed to predict total response to the HOV facility based
ontravel timesavingsinthe HOV lanerelative to the existing (before) traffic conditions and rel ative to mixed-flow
lanetraffic performance. Thetotal response estimation procedure was devel oped using before/after and HOV/non-
HOV observations from existing HOV facilities around the United States.

Prior to thetotal response module, the all ocation modul e uses the estimated travel times by lane typeto distribute
the HOV dligible vehiclesinto the HOV and mixed-flow lane(s) as described previously. Thisinput is necessary to
computetravel times by vehicletype (HOV digible or non-HOV €ligible vehicles) through weighted averages of
volumes. The other necessary inputsinclude:

« Eligibility type;

« Exigting average peak period speeds by lane type;

« Length of study section;

« Existing peak period volumes for the study section by eligibility type;

. Estimated peak period travel times by lane type; and

« Edtimated peak period HOV eligible vehicle volumes for the study section by lane type.
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Thetotal response module framework is shown in Figure 6.13. Separate model parameters were estimated for
facilitieswith different occupancy requirements(2+ and 3+) and are applicable to the following design and
occupancy scenarios.

« Add one HOV lane;

« Add two HOV lanes;

« Extending an HOV lane;

« Convert mixed-flow lane to HOV lang;

« Convert occupancy requirement from 3+ to 2+; and
Convert occupancy requirement from 2+ to 3+.

The model equations for predicting total response are shown in Figure 6.14. These equations were developed by
regressing the percent change in vehicle volumes versus the percent change in travel times from the available data
sets. The methodol ogy for estimating total responsefor 2+ eligibility (HOV and non-HOV eligible) and non-HOV
eligiblein HOV 3+ facilities use dependent variables that describe percent changein travel timesfrom before to
after the HOV facility is implemented. The first equation in Figure 6.14 shows an increment of 0.13 which means
that anew or converted HOV 2+ facility will generate aminimum of 13 percent growth in HOV s even in the case of
no travel time benefit for HOV s from before to after. This growth is probably due to HOV s diverting from parallel
facilities onto the new HOV facility. Total responseto HOV 3+ facilitiesis afunction of both before/after and
HOV/non-HOV travel times. Figures 6.15 and 6.16 contain the plots and corresponding regression equations for
the 2+ eligibility modelsfor HOV and non-HOV vehicles, respectively. Each of the observation points used for the
development of the model equationsis shown and islabeled according to location, barrier availability, and action
type.

The percent HOV and non-HOV volume changes computed through this procedure are applied to the existing HOV
eligible and non-HOV dligible vehicle volumesto obtain forecasted volumes by vehicle type. Figure 6.17 presents
a comparison of results of the total response model to results from other existing models that are used to predict
HOV demand. The new methodology, for similar travel time benefits, estimates HOV 2+ total response close to the
mid-to-low range of the other models. This is probably reflecting the reduced car-pool mode shares observed in the
1990 Census. The HOV 3+ total response estimate is greater than for HOV 2+, and isin the mid-to-high range of
other HOV model estimates since travel time benefits of 3+ HOV lanes are typically greater than travel time
benefits of 2+ HOV lanes.
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Purpose: To Predict Total Response
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Figure 6.13 Total Response Module
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(After - Before) Travel Time for HOV 2 +
Before Travel Time for HOV 2 + I

o Percent HOV 2+ Change = 0.13 + 2,11 * {

- T-statistic: (0.50) (2.21)
- F-gtatistic = 4.91

(After - Before) Travel Time for Non - HOV 2 +
o Percent Non-HOV 2+ Change = 0.48 *

Before Travel Time for Non - HOV 2 +
- T-statistic: (3.24)
- F-statistic = 6.80

o Percent HOV 3+ Change =2.72 *
Before Travel Time for HOV 3+

(After -Before) Travel Time for HOV 3+1

- T-gatistic: (1.84)

141 ¢ [(Non - HOV3+) - (HOV 3+)] After Travel Time
' Before Travel Time for Non - HOV 3 +

- T-statistic: (2.42)
- F-statistic = 3.92

After - Before) Travel Time for Non - HOV 3 +
o+ Percent Non-HOV 3+ Change = 0.07 + 0.89 * ( ) Imé for

Before Travel Time for Non - HOV 3 +
- T-statistic: (3.23) (-5.70)

- F-dtatistic = 32.54

Figure 6.14 Models for Prediction of Total Response
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Figure 6.17 Comparison of Total Response Model to Other HOV Models

Travel Time Differential (Minutes)

Total HOV

Response
Model Year Before/After HOV/SOV (Growth)
Comsis 1994 5 40%
Shoemaker/Sullivan 1994 12 120%
Wesemann (Orange County) 1987 59 20-30 %
Parody/CRA 1982 6 90-230%
New HOV 2+ Model 1995 6 62-92%
New HOV 3+ Modd 1995 6 6 95-155%

6.3.5  Equilibration Module

Because the estimation of HOV travel time savingsiscrucial inthe prediction of HOV mode shares, and HOV
mode sharesin turn influencetravel timesin HOV and mixed-flow lanes, the new HOV model includes aniterative
mechanism to couple HOV and mixed-flow total response estimates with traffic performance estimates. Figure 6.18
contains the framework for the equilibration module.

The equilibration module procedure is the same for both freeway and arterial facilities. The datainputsinclude
estimated demand for the study section and iteration closing (stop) criterion. The user is given the flexibility to
define aclosing criterion that will terminate the loop and proceed with the next step. The closing criterionis
expressed in terms of the percent change in vehicle volume by lane type from the previousiteration.

. Estimated volume |- fEstimated volume
[Closmg factor J ) for current iteration | Jfor previous iteration

% difference between , = - - .
consecutive itera tions [Estimated volume Tor previous iteration]

The criterion must be satisfied (computed percent difference islessthan the closing criterion input by the user, or
default) for two consecutive iterations before the model proceeds to the next step. If the criterionisnot satisfied for
both the HOV and mixed-flow lane(s), aweighted average is computed to advance convergence using the following
procedure:

ool (5[

Where: V = Traffic volume (demand); and
i = Iteration number.

These adjusted vehicle volumes are then used to proceed within the iterative process asinputsinto the supply
module (see Figure 6.1 - General Model Structure). If the closing criterion is satisfied then the model proceeds to
the spatial and modal response module.
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Figure 6.18 Equilibration Module
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6.3.6  Spatial and Modal Response Module

The HOV model methodology estimatesthetotal traveler response to the HOV facility including travelersthat came
from or go to parallel facilities and other modes. Sincethe model methodology is applied to the peak period, itis
assumed that the estimated total response to the HOV facility includes only spatial and modal components but no
temporal response. The model addresses the shift between the proposed facility and the parallel route(s) for non-
HOV dligible vehicles, HOV €ligible vehicles, and buses. The purpose of this module, isto produce a quick esti-
mate of the allocation of the forecasted new HOV demand into spatial and modal components. An overview of the
modul€e' sframework is contained in Figure 6.19.

Based upon the data available, the model estimates the percentage of HOV lane demand that came from or divertsto
another route. The inputs to the spatial and modal response module are:

« Existing peak period vehicle volume by vehicle type;
o Average vehicle occupancies by vehicle type;
Estimated peak period vehicle volume by vehicle type;
« Spatial and modal response trip table allocation percentages;
. Violation rate; and
o Percent of HOVS in the HOV lang(s).

The module estimates the spatial and model response using a trip distribution type methodology that allocates the
estimated trips by their existing mode of travel. A trip matrix is developed which distributes the existing non-HOV,
HOV, and bus trips to the estimated (after) non-HOV, HOV, and bus trips on both the facility and the parallel
route(s). Table 6.5 presents the spatial and modal trip matrix.

Table 6.5 Spatial and Modal Response Trip Matrix

After

Facility Parallel Facilities
Non-HOV HOV Bus Non-HOV  HOV Bus Total

Before  Facility Non-HOV

HOV
BUS

Parallel

Facilities  Non-HOV 0 0 0
HOV 0 0 0
Bus 0 0 0
Tota

Thevehicletripsinput by the user and estimated in the total response module are converted to person trips using the
average vehicle occupancies (AVO) by vehicle type input by the user or the default values. The existing (before)
person trip volumes by mode for the facility are input into the row totals. The estimated (after) person trip volumes
by mode areinput into the columntotals. Sincethereisno information on the tripswhich remain on the parallel
facilities and the methodol ogy needs not to predict them, the cellsshown in Table 6.5 witha“0” represent those
trips which are on the paralld facilities in both the before and after scenarios.
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Figure 6.19 Spatial and Modal Response Module
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The row and column totals are then be distributed within the trip matrix. The row and column totalsfor the parallel

facilities are then estimated based on the following assumptions.

If the estimated (after) person trips is greater than the existing (before), the difference is from the parallel
facility, and the number of trips going from the facility to the parallel route(s) is zero (see Table 6.6 for
the default distribution percentages). If the existing (before) person trips is greater than the estimated
(after), the difference went to the parallel facility, with zero trips coming from the parallel route(s) and
going to the proposed HOV facility. Table 6.7 presents the default allocation percentages for diversion
away from the proposed HOV facility. The estimated (after) parallel facility person trips are distributed

among the existing (before) modes using the existing (before) mode split for the proposed facility.

Total trips going to or coming from the parallel facilities are distributed according to the mode split on
the proposed facility. The greater of the existing (before) or the estimated (after) HOV mode split is

used.

Table 6.6  Spatial and Modal Trip Table Allocation Percentages for

Diversion to the HOV Facility

After
Non-HOV HOV
Before Facility Non-HOV 75% 27% 10%
HOV 9% 37%
Bus 1% 12%
Parallel Facilities Non-HOV 13% 12%
HOV 1% 8%
Bus 1% 4%
Tota 100% 100% 100%
Table 6.7 Spatial and Modal Trip Table Allocation Percentages for
Diversion Away From the HOV Facility
After
Facility Parallel Facilities
Non-HOV HOV Bus Non-HOV HOV Bus Total
Before  Facility Non-HOV 75% 9% 1 % 13% 1% 1% 100%
HOV 27% 3%  12% 12% 8% 4% 100%
Bus 10% 35%  50% 1% 1% 3%  100%

The user has the option of overriding these values. The HOV percentages contained in Table 6.6 are based on the
Houston North Freeway Survey (1990) and are similar to the results from a Minneapolis survey conducted in 1989.

The estimated trip table is then revised so that the sum of cell values add up to the correct before row totals. A
FRATAR row and column factoring process is used until the cell entries sum to the desired row and column totals.
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The closing criterion for the FRATAR factoring process is 1% of 1 .00 (ratio of current value over previous iteration
value).

Once the closing criterion for the FRATAR factoring process is satisfied, the resulting person trip table is converted
back to vehicles using the average vehicle occupancy values by mode. The resulting vehicletrips are then
distributed by lane type according to the percentage of HOV eligible vehiclesin the HOV lanecomputedinthe
allocationmodule.

6.3.7 Output Module

In this step the model computes, summarizes, and reports final measures of performance as shown in Figure 6.20.
Figure 6.2 1 presents an overview of the output module structure. The measures of performance estimated within
the model framework include:

Vehicle and person volumes;

- Travel time;
Vehicle and person miles of travel;
Vehicle and person hours of travel;
Vehicle and person delay;

- Air quality/emissions; and

- Fuel consumption.

Each of these measures is estimated by lane type (HOV and mixed-flow lane(s)) and by analysis period (existing,
short-term and/or long-term) in either English or metric units. In addition, spatial response by lanetypeisevaluated
for the air quality/emissions and fuel consumption performance measures to provide a means to effectively assess
the net effect of the proposed HOV facility.

The inputs required for the output module include;
Air quality calculation option (EMFAC or MOBILE 53);
Average speed on pardlel roadways,
- Analysis period;
Average annua temperature (EMFAC option only);
o Percentage of total vehicles which are trucks (gas versus diesdl), buses, and motorcycles,

Average vehicle occupancy for HOV3+ and buses,
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Purpose: To Compute Outputs
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Figure 6.21 Output Module
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Existing and estimated (future) peak period vehicle volumes by lane and vehicletype;
« Length of study section;
« Free-flow speed,
« Existing and estimated (future) peak period travel times by lane type;
« Percentage of HOV eligible vehicle volume in the HOV lane(s); and
» Estimated peak period spatial and modal response.

Vehicle volumes estimated by the total response model arefirst allocated by vehicle and lane type according to the
input (or default) percentages of trucks, buses, and motorcycles. SOV, HOV2, and HOV3+ volumes by lane type
are then determined according to the equationsin Figure 6.22. The procedure for distributing the total volumes by
lane typeis different for 2+ versus 3+ digibility. The 0.86 and 0.88 factors shown in the equations are percentages
estimated from actual data collected and utilized in the total response model.

Occupancy rates for computing person volumes are based upon the following vaues:

Table 6.8 Occupancy Rates by Vehicle Type

Vehicle Type Occupancy (Persons per Vehicle)
SOV 1
HOV?2 2
HOV3 + User input or default (3.4)
Truck 1
Bus User input or default (32)
Motorcycle |

Impacts are estimated as follows:

+ Vehicle miles of travel (VMT) is computed by lane type and for the total study section, as shown in the
followingequation:

VMT = [Vehicle volume] * [Length of study section]

- Personmilesof travel (PMT) iscomputed by multiplying the estimated VMT by the average vehicle
occupancy.

+ Vehiclehoursof travel (VHT) by lanetype and for thetotal study section is estimated according to the
followingequation:

[Travel time]

WIT = [Vehicle volume] *
60

The 60 valuein this equation convertsthe travel timefrom minutesto hours.

6-39



For 2+ eligibility

o [Totul S0V volume] = [Non — HOV eligible vehicle volume] - [Total truck volume]

HOVI i
[SOV volume in the HOV Iane(s)] = [HOV lane(s) volume] - [{ chnle(:l) vo z;me]
iolation rafe

+ -————————}

100

|:SOV volume in the

= [Totul SOV volume] - [SOV volume in the HOV lune(s)]
mixed — flow lane(s)

HOV eligible Total bus | | Total motorcycle
[ Total HOV2 volume] = ‘ - - *0.88
vehicle volume volume volume

% HOVsin the HOV I
[HOVZ volume in the HOV lcme(s)] = [Total HOV2 volume] * |: % om e ane(s):|

100
[ HOV?2 volume in the
. =[Total HOV2 volume | ~ [HOV2volume in the HOV lane(s )]
_mixed ~ flow lane(s)
[ Total Total Total Total Total Total Total
ota
e |HOV3+ =|: }— truck | —|bus - | motorcycle | —| SOV | -| HOV2
volume
_volume volume volume volume volume volume

[ HOV3 + volume in HOV lane(s) Truck volume in Bus volume in
 the HOV lane(s) } ) [ } ) [the HOVlane(s)] ) I:the HOVlane(s):I )

Motorcycle volume SOV volume in HOV2volume in
[:‘n the HOV lane(s)jl ) [the HOV lane(s)} ) l:the HOV lane(s) }

volume

HOV3 + volume in the
= [Total HOV3 + volume] - [HOVS + volume in the HOV lane(s)]
mixed — flow lane(s)

Figure 6.22
Equations for Distribution of Volumes by Vehicle and Lane Types
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For 3+ eligibility

[Total Sov volume] = [[Non — HOV eligible vehicle volume] - [Total truck volume]] *0.86

[HOV lane(s) volume]

[SQV volume for the HOV lune(s)] = [HOV lane(s) volume] - iolati n
[1+ iolationra e]

*0.86

100
[SOV volume in the

= [Totul SOV volume] - [SOV volume in the HOV lane(s)]
mixed — flow lane(s)

Non — HOV eligible

[Total HOV2 volume] = |: icle vol
vehicle volume

:| - [Total truck volume] - [Totul )% volume]

[ HOV?2 volume in
_the HOV lane(s)

HOV lane(s) volume] SOV volume in
= [HOV lane(s) volume] - -

[1 N Violation rate] the HOV lane(s)
100

[ HOV2 volume in the
) = [Total HOV2 volume] - [H OV2 volume in the HOV lune(s)]
| mixed — flow lane(s)

[ Total Total Total Total Total Total Total
ota

HOV3 +|= :I— truck |—|bus — | motorcycle | —| SOV || HOV2
volume

Lvolume volume volume volume volume volume

| the HOV lane(s) volume the HOV lane(s) the HOV lane(s)

Motorcycle volume SOV volume in HOV2volume in
in the HOV lane(s) the HOV lane(s) the HOV lane(s)

[ HOV3 + volume in} {HOVlane(s)] [Truck volume in} |:Bus volume in ]

HOV3 +volume in the
mixed — flow lane(s)

] = [Total HOV3 + volume] - [HOV3 + volume in the HOV lane(s)]

Figure 6.22 (continued)
Equations for Distribution of Volumes by Vehicle and Lane Types
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Person hours of travel (PHT) is estimated similar to PMT, by multiplying VHT by average vehicle occupancy.

The output module then computes vehicle hours of delay which is measured as the difference
between the estimated travel time from the model and the free-flow speed travel time. Vehicle
hours of delay is calculated as follows:

VMT

Vehicle hours of delay = VHT * —————
Free - flow speed

e  Person hours of delay is the vehicle hours of delay times the average vehicle occupancy.

Emissions impacts are estimated by lane type, for the total study section, and for spatial shift through one of two
options. The user has the option of using EMFAC or MOBILE 5a emission rates. The emission rates included
within both options are in grams per mile and include hydrocarbons (HC), carbon monoxide (CO), and nitrous
oxides (NOy). The EMFAC option emission rates are based on travel speeds; existing (19 95) versus long-term
analyses (2010); various ambient temperatures (55°F to 95°F); and separate vehicle types (autos, gas trucks, and
diesel trucks). Interpolation may be required for analysis years or temperatures which fall between the values
available. The MOBILE 5a option includes separate emission rates based on speed and vehicle type (autos versus
trucks/buses). The emission rates for both EMFAC and MOBILE 5a are shown in Appendix E.

The methodology for computing the emissions assumes that there are no trucks in the HOV lane(s). Emissions are
computed in kilograms based upon the following equations:

~ [[H OV lane(s) VMT] * [Emission rate for au tos]]
- 1000

[H OV lane(s) emissions]

[Length of study section] *

F

1 ( Autosinthe mixed

Emission rate)

Sflow lane(s)volume ) ) [ forautos

(Total gas ) . (
truckvolume) \ for gas

Emission rate)]

trucks

(Total diesel
truck volum

J'(

Emissionrate )
for diesel trucks

Mixed - flow _
lane(s) emissions |~

1000

_ [[Spatial response] * [Emission rate for au tos]]
- 1000

Emissions for
spatial responders

If vehicles divert from parallel facilities to the proposed HOV facility, a reduction in emissions can be taken after
implementation of the new HOV facility. If vehicles divert away from the proposed HOV facility, some of the
decrease in demand on the facility went to paraliel roadways. Therefore, the emissions for spatial responders should
be added to the after case to reflect the shift of autos now traveling at parallel facility speeds.

Fuel consumption is estimated similar to emissions. Fuel consumption rate tables, in gallons per mile, are provided
in Appendix F. Fuel consumption rates are based upon facility type (freeway or arterial), vehicle type (autos, gas
trucks, and diesel trucks), and travel speeds. Fuel consumption values are computed for HOV lane(s), mixed-flow
lane(s), the total facility, and for spatial response.
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6.4 Implementation

The research results of this report have been implemented in a software product known as Quick-HOV,
which provides an analysis and planning tool for HOV facilities based on the model developed herein. The
Quick-HOV software model is designed to provide a quick analysis of HOV lane demand and operations.

The program is designed to eval uate the impactsof:

1. Constructing new HOV lane(s)
2. Extending existing HOV lane(s)
3. Changing the €ligibility requirements of existing HOV lane(s).

The program is a “quick response” method that evaluates the impacts of HOV lanes for a single direction

of travel over a single peak period for arterias and freeways. To analyze both directions of travel, the
model is simply run again for the opposite travel direction. The procedures allow the user to predict and
evaluate the impacts of HOV lanes on person demand, vehicle demand, auto occupancy, congestion, delay,
and air quality. The program produces detailed tabul ations of vehicles, persons, vehicle-milestraveled
(VMT), vehicles-hourstraveled (VHT), delay, delay per vehicle, fuel consumption, and air pollutants. The
detailed tabul ations show the number of persons or vehicles by vehicletypefor the HOV lane(s) and the
mixed-flow lane(s) for the before, opening day, short range, and long range conditions. A summary table
aggregates these values for al vehicles on the entire study section.

6.4.1  Program Input Data

The program allows two modes of input. The data can be entered interactively or asan ASCII batch file.
Theinteractive form allows the user to provide a minimum set of data or amore complex set of data. The
program uses defaults to create a complete data set from the minimum data set.

Regardless of theinput mode, the user needs to provide a project description and the project demand data.
The project descriptionincludes

General Facility Data Arterial Facility Data
Facility Type Lane Width
Length Shoulder Width
Number of Through Lanes Terrain Type
Capacity/Lane (vphpl) Ramps per mile
Free-Flow Speed Barrier Entry/Exits per mile
Average Peak Period Travel Time Percent RVs
(optional) Signals Per Mile
Barrier-separated? Cycle Length (sec)
HOV LaneEligibility by vehicletype Green/Cycle

Qudlity of Progression
Exclusive Left Turn Lanes?
Percent Turns from Exclusive Lanes

The facility data is supplied for both the HOV lang(s) and the mixed-flow lane(s). The data for the study
section can be divided into a critical subsection and the rest of the study section. These dataare needed for
both the existing and the proposed conditions. The critical subsection isthe portion of the study section
that has the highest demand to capacity ratio and functions as the “controlling” subsection. The user does
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not have to specify a critical subsection, if the demand or capacity across the study section does not differ
by more than ten percent.

The user must also provide the existing demand data for the study section. The demand data can be entered
as a summary demand data set or a complete demand data set. The complete data set includes the demand
by vehicletypefor each lanetypein the critical subsection and the rest of the study section. The demand
data also includes information on the following:

Length of peak period

Ramp meter delay by vehicletype

Mean trip length by vehicletype

6.4.2  Summary of Model Components

The Quick-HOV model is a “quick response” tool for predicting order-of-magnitude HOV and mixed-flow
demand and traffic performance. The Quick-HOV software can be considered a screening tool used to
evaluate traffic performance and impacts on opening day, short-term (six months to a year) and long term
(efter one or more years).

Themodel isdivided into seven distinct modules. Each moduleisbriefly described below.

Input Module Accepts and edits data

Lane Allocation Module Allocates vehicles to the HOV and
mixed-flow lanes.

Travel Time Module Calculates the travel time for the HOV
and mixed-flow lanes.

Weighted Travel Time Module  Calculates the average weighted travel
time by vehicle type.

Response (Demand) Module Determines the growth in HOV and
mixed-flow traffic due to the travel
time savings of the proposed HOV

project.
Equilibration Module Checks closing criteria
Output Module Calculates the measures of performance

for the proposed HOV project.

6.4.3 Hardware Requirements
Minimum computer hardware needed to run the Quick-HOV program includes the following:

An |BM-compatible micro-computer with at least a386/486 microprocessor
MS-DOS version 3.0 or later
At least 0.5 Mb of hard disk spa